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Abstract: In this paper, we introduce the notions of domination for a class of
controlled and observed hyperbolic systems. We study, with respect to the gradient
observation, the possibility to make a comparison of input operators of a controlled
system. We give various characterizations and main properties in the general case
and then by means of the choice of actuators and sensors. As an application, we
examine the case of a one dimension wave equation.

Keywords: hyperbolic systems; domination; gradient; control; actuators; sensors.

Mathematics Subject Classification (2020): 35120, 93B05, 93B07, 93C20.

1 Introduction

Modeling a system consists in representing its dynamic behavior by a mathematical
model. The mathematical model obtained is generally in the form of linear or nonlinear
differential equations. The methods used in the analysis of linear systems are very pow-
erful because of the existence of available tools. However, these linear analysis methods
have several limitations because most systems are not linear, so linear methods are only
applicable in a limited domain. These limitations explain the complexity and diversity of
nonlinear systems and the analysis methods that apply to them. Therefore, there are no
general theories for nonlinear systems, but there are several methods adapted to certain
classes of nonlinear systems to overcome these difficulties, a linearization of the system
and the output which consists in transforming the dynamics of the nonlinear system into
a completely (or partially) linear system, so that the techniques of linear systems can be
applied. Therefore, we can extend the concepts presented for linear systems to nonlinear
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systems, and among these concepts, there is the concept of domination, which has been
discussed in this paper.

This work is an extension of the previous works which concern the analysis of a class of
linear systems within certain concepts. These concepts consist of a set of notions such as
controllability [13], detectability, observability |10], remediability |3] and domination [5}6]
which enable a better knowledge and understanding of the system to be obtained. For
some related studies in nonlinear cases, see [8}/12].

The extensions of these concepts that are very important in practical applications are
those of gradient controllability [9,|11], gradient detectability 7], gradient observability
[15], gradient remediability [14].

This work concerns the notion of domination for a general class of controlled and
observed hyperbolic systems used to study the possibility of comparing the input oper-
ators with respect to the gradient observation. It is an extension of the previous works
on parabolic distributed systems [1,5]. A more general approach is given in [2-4] for
controlled and observed systems in the global, regional and asymptotic cases.

This paper is organized as follows. In Section 2, we present the systems. We define
and characterize the concepts of exact and weak domination for controlled hyperbolic
systems with respect to the gradient observation in Section 3. In Section 4, we give the
main properties and characterization results and the case of sensors and actuators is also
examined. Finally, we examine the case of a one dimension wave equation.

2 Considered System

Let Q2 be an open and bounded subset of R” with a sufficiently regular boundary and
10, T be the finite time interval. We consider the following system:

822@ t) = Ay(z,t) + Biui(t) + Baus(t), Qx]0,T7,

ot 9 1 (1)
y(z,0) = y°(x), B¢ (2,0) = y' (2), Q,

y(f,t) =0, a0 x]0,T7,

where A is a second order elliptic linear operator given by

=g 2 (9)

1,j= 1
with the domain D(A) = H}(Q) N H?(2) and verified elliptic conditions

A5 = Gjj S LOO(Q), 1< i,j < n,

Ja > 0,V = (&1,&,...,&) € R, Z" 14 (@)&E > ad 1|§Z| , pp. in Q,

By € L(Uy,X), By € L(Uz, X), uy € L?(0,T;Uy) and ug € L?(0,T;Us), where U; and
U, are two Hilbert spaces (control spaces) and X = Hg () is the state space.

For (y°,y') in H() x L3(2), the system admits a unique solution y in
C (0, T; H}(Q2)) N C* (0,T; L*(R2)). The system (1)) is augmented with the output equa-
tion

z(t) = CVy(t), (2)
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where C € L ((L2(Q))n ,0),0 is the observation space (Hilbert space). In the case of
an observation with ¢ sensors, we take generally O = RY.
The gradient operator V is given by the formula

Vi H(Q) — (LA(Q)"

([ 0y Oy oy
yHVy_(@xf@:cg’ ’81’”)'

We consider the operator A defined by

A(y1,92) = (y2, Ay1) , ¥ (1, 92) € D(A),
with D(A) = D(A) x Hj(Q). The operator A is linear, closed with a dense domain in
the state space X = H} (Q) x HE (), which is a Hilbert space for the inner product

(Y1, 92), (21, Z2)>H5(Q)xL2(Q) = <V —Ay1, v *A21>

L2(Q) w2212y
The adjoint operator of Ais given by A = —A.

The operator A generates on X a strongly continuous semi-group (S(t)):>o defined
by

Y2 W2 (t) Y1
Y2
with
Tm 1 )
Wi(t) ( Zl ) = mz;l; ((thmj)mm) cos VvV —Amt + \/—77771 (ya, ’LUmj>L2(Q) sin \/—/\mt) Wnj
and
W ( ) Z Z ( V _)\ y17w7n]>L2 Q) sin \Y4 —>\ t+ <y2, me>L2<Q> COS V —)\7nt> Wmj -
m>1j=1
Its adjoint is S*(t) = S(—t), V¢ > 0. On the other hand, we consider the operators
Bl : UL*) X and BQ UQ — X
up — Biug = (O,Blul)” Uy H—r BQUZ = (O,BQUQ)tT
; OO\ o _ 0y g 0 dy(t) y(t)\"
ttwe put g0) = (w0, 200 ) 5% = (40") " ana G20 = (2420 20 then
the system is equivalent to the following system:
ay _ _ _
{ (1) = Ag(t) + Brua(t) + Baua(t), 0<t<T, -
y(0) = g°.

The unique solution of system is

y(t) = S(t)y° + /0 S(t — s)Byuy(s)ds + /0 S(t — s)Baua(s)ds.
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The system is augmented by the output equation

where C is defined by
C_\1(y17y2) = Cyla v(ylay2) € (LQ(Q))TL X (LQ(Q))n7

and
Vo Hy(Q) x Hy(Q) — (LA(Q)" x (L2 ()"

(y1,y2) = V (y1,92) = (Vy1, Viz) .

We consider the following operators:

Hy: L%0,T;U;) = X

up — Hiup = fOT S(T — s)Byui(s)ds
and _
Hy: L2(0,T:Us) — X

ug > Houg = fOT S(T — s)Bausa(s)ds,

while their adjoints, denoted by Hi and Hj, are given by H;y = B,"S(- = T) and
Hi = By S(- —T), respectively. The state of system at time T is given by

y(T) = S(1)y° + Hyuy + Houo.

3 Domination with respect to C

Definition 3.1 We say that

1. B; dominates Bs exactly on [0, 7] with respect to C' if for any us € L?(0,T;Us),
there exists a control uy € L?(0,7;U;) such that

C_’?Hlul + C‘?HQ'U/Q =0.
2. B; dominates By weakly on [0,T] with respect to C if for any € > 0 and for any

uy € L?(0,T;Us), there exists a control u; € L? (0, T;U;) such that
| Hyu + O Hyuslo < e
Lemma 3.1 Let V, W and Z be reflerive Banach spaces, P € L(V,Z) and
Q€ L(W,Z). Then the following properties are equivalent:
1. ImP C ImQ.
2. 3y > 0 such that [|[P*2*|\,. <v[|Q* 2" ||y, Vz*eZ*
Proposition 3.1 The following properties are equivalent:
1. By dominates By exactly on [0,T] with respect to C.
2. Im (CVH) C Im (CVH,).
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3. There exists v > 0 such that for every 8 € O*, we have

|B5S(- — T)v*é*aum(ojw) <v||BiS(- - T)V*C*o ’L2(O,T;U{‘) .

Proof.
- 1< 2: B; dominates By exactly on [0, T] with respect to C if and only if

Yug € L2(0,T;Us), Juy € L*(0,T;U;), such that CVHyu; + CVHaus =0,
i.e., if and only if
Yuy € L2(0,T;Us), 3u € L*(0,T;U;), such that CVHyuy = CVHyu,
where v = —u; € L2(0,T;U;), this is equivalent to saying that Im (C_’?Hz) C
Im (CVH,).
-2« 3: In Lemma 3] we put
P=CVH, and Q=CVH;,

where ~ -
Hf =B,"S(-—T) and Hj=ByS(-—T).

Hence the result. O
Proposition 3.2 The following properties are equivalent:

1. By dominates By weakly on [0,T] with respect to C.
2. Im (C’?Hg) CIm (C‘?Hl).
3. ker (B S(- — T)V*C*) C ker (By"S(- — T)V*C*).

Proof.
- 1< 2: B; dominates By weakly on [0, 7] with respect to C' if and only if

Ve > 0, Yuy € L*(0,T;Us), Ju; € L*(0,T;U,) such that ||CVHu; + CV Housllo < &,
i.e., if and only if
Ve >0, Yuy € L*(0,T;Uy), Ju € L*(0,T;U,) such that ||CVHyuy — CVHyullo < &,
where u = —u; € L?(0,T;Uy), this is equivalent to saying that
Im(CV Hyus) € Im(CV Hy).
-2=3: Let 0 € ker (B;"S(- — T)V*C*), we have
Im(CVH,) C Im(CVH,),

then o ~ o
Im(CVH,) C [ker (B, S(- —T)V*C*)] ™,
hence o
(CV Hyuz,0)oxo- =0, Yuy € L*(0,T;Us),
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then o € [Im(CV Hy)]*, this gives o € ker (B_Q*S(' —T)V*C).
- 3= 2: We assume that

ker (B;"S(- — T)V*C*) C ker (By"S(- — T)V*C*),
let o € ker(B;"S(- — T)V*C*), then By"S(- — T)V*C*o = 0, and
(CV Hauz,0)oxox =0, Yug € L2(0,T;Uy),
hence
CV Hyus € [ker (By"S(- — T)V*C*)]" = Tm(CVHy), Yus € L2(0,T;X). O
Remark 3.1 Let us give the following properties and remarks:

1. In the case where C is the identity operator, we say that B; dominates By exactly
on [0,T] (respectively weakly).

2. The exact domination with respect to C' implies the weak domination with respect
to C' but the converse is not true.

3. If the system
0%y
g2 (@0 = Ay(,t) + Bru(¢),  @x]0, TT,

y(:c, O) = yO(x), %(SL’, O) = yl(x) Q,
y(&,t) =0, 00x]0, T,

is gradient controllable exactly (respectively weakly), or equivalently to
Im (VH;) = X [9] (respectively Im (CVH;) = X), then B; dominates exactly
(respectively weakly) any operator By with respect to any output operator C.

4 Domination with respect to C and Actuators

This section focuses on the notions of actuators and sensors.
In the case where U; = RP* and U; = RP2, ie., the system is excited by p; zone
actuators (Q;,2;);<;<,, ,» where a; € L2 (Q),9Q; =supp(a;) C Q, fori =1,2,...,p;, and

by other py zone actuators (Qi, éi> , where &; € L? (Ql) ,Q; = supp (&) C Q, for

_ 1<i<po
1 =1,2,...,ps, the operators By and By are given by

B : R X
u(t) = (u%(t),u%(t), Cut (t)) > Biuy(t) = <O i:l:lXQi (7)a;(z)ul (t))
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and their adjoints are, respectively,

ok tr
Bi" (y1,v2) = ( (a1, 92)g, (a2, ¥2)q, --- (apwz/z)gzp1 ) € R,
— x ~ ~ _ tr
By (y1,y2) = ( (a1,92)a, <a2,y2>02 <ap27y2>§zp2 ) € RP2,
Corollary 4.1 (£, ai)1<i<p dominates (Ql, 5¢> exactly on [0, T] with respect
1<7,<p2

to C if and only if there exists v > 0 such that for all o in O*, we have

P2
Z/ az,Wg s—T)V*C*o Q ds <fyZ/ al,Wg s — )@*C’*Uﬁh ds

Proof. According to Proposition B; dominates By exactly on [0,7] if and only
if there exists v > 0 such that for all o in O*, we have

|B>"S(- - T)V*C*o

<A ||B"S( — T)V*Co

2 2
‘LZ(O,T;RM) |L2(O,T;RP1) :

Firstly, we have

and we have then

p2
|Bo"S( = T)9*C0 o i) = Z/ (80, Wals ~ T)V*C"0)2 ds

and

|B,"S(- = T)V*C*o|?

P1 T o 9
= Z/O <ai, WQ(S — T)V*C*O'>QI ds.
i=1

Hence the result. O

Corollary 4.2 (£, al)1<z<p dominates (QZ, az) exactly on [0, T) with respect
<z<p2

to C if and only if there exists v > 0 such that for all o in O*, we have

T'm

P2
Z/ Z \/ Am Sin (\/ A (T — s ) Z <C*a, Vwm_7.>(L2(Q))n <5i7wm-7>ﬁ'i ds <

m>1 j=1

2
Tm

'yZ/ Z /= Ap sin (\/ A (T — s ) Z o, Vwmj (L2(Q)" <ai,wmj>9i ds.

m>1 j=1




120 H. AICHAOUI AND S. BENHADID

Proof. We have

P1 T o 9
Z/ <ai,W2(s—T)V*C’*0>Q_ ds
=170 '

p1 T 2
:Z/OT <x9,iai, Z Z —m<V*C*U, wmj>ﬂ sin (m(s - T)) wmj> ds

m>1j=1 Q
2

pL LT T
= Z/O Z v/ — A, Sin <\/ A (T — s)) Z <C*a7 Vwm].>(L2(Q)),,L <ai, wmi>m ds
i=1

m>1 j=1

and
b2 T o 5
Z/O (8, Wa(s = T)V*C*0)g, ds
=1

:i/OT <XQi5-ia Z i —m<V*C*g, W, ) g, SN (m(s — T)) wmj> ds

m>1j5=1

Q
2
P2 T Tm
-y / SV sin (VAT = 9)) 3 (C 0, Vm, ) gy (v t0m, ), | s
i=170 | m>1 j=1
Hence, the result follows immediately from Corollary O
Corollary 4.3 (£2;, ai)1<i<p1 dominates (Qi, éi)1<.< weakly on [0,T) with respect
<i< <i<p
to C if and only if ’
Z <C*07 Vwm]‘>(L2(Q))n <ai7wm_7‘>Qi =0, Vi€ {17 2, apl}a Vm > 1
j=1
= Z (C*o, Vwmj>(L2(Q))n<éi,wmj)Qi =0, Vie{l,2,---,p2}, Vm > 1.
j=1
Proof. We assume that (£;,2;),.,,, dominates (Qi,éi)K( weakly on [0, 7]
<i< <i<p
with respect to C' and ’
> _(Co, VWi, ) (2 ()0 (80 Wiy ), = 0, Vi€ {1,2,--, p1}, ¥m > 1.
j=1
Since B,"S(- — T)V*C*o is equal to
Z V= Am sin <\/_)‘m(T - ')) Z (C*o, vwmj>(L2(Q))” <ai7“’mj>m )
m>1 j=1 .
1<i<p:

one has B o
o €ker (B, S(-—T)V*C*),
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hence - o
o €ker (By"S(-—T)V*C*),
ie, forallie {1,...,p2}, we have

T'm

>V =Amsin (\/%(T - ‘)) > (Co, Vtm, ) (paayn (8 W, )g, = 0.

m2>1 j=1
The set (sin(v/=Xp (T — .)))m>1 forms a complete orthogonal set of L?(0,T), then

T'm

Z <C’*(-,r7 va.7>(L2(Q))" <é¢,wmj>ﬁi =0, Vie{l,...,pa}, Ym > 1.

j=1
Conversely, we assume that

T'm

Z <C*Ua vwmj>(L2(Q))n<ai7wWLj>Qi =0, Vie {1723 T 7p1}> Vm > 1

j=1
= Z <C*0'7 vwmj>(L2(Q))n <éi7wmj> =0, Vie {1727 T ,p2}, Vm > 1,
J=1

we have
o € ker (Bl*S(- —T)V*CY)

= Z (C*o, Vwmj>(L2(Q))n(ai,wmj>Qi =0,vie{1,2,-,p1}, Ym>1
j=1

Tm

= Y (C0, V) 2y (Bir W, ), =0, Vi € {1,2, -+ o}, ¥m > 1
j=1

= o € ker (By"S(- — T)V*C),

then (2;,2;),<,<,, dominates (Qi,&-) weakly on [0, T with respect to C. O
- 1<i<ps
In order to give it a characterization, we use the following definitions: for m > 1,

- The matrix A,, of order (p1 X ry,) is defined by

Am: <<aiawmj>9_)ij7 1§Z§p1 and 1§]§Tm

i

- The matrix A,, of order (p2 X 7p,) is defined by

Am=<<éi,wmj>~)”, 1<i<py and 1<j<rp,.
ij

Q;
Corollary 4.4 (£, az-)1<i<p1 dominates (Qi, éi)1<,< weakly on [0,T) with respect
<i< <i<p
to C if and only if ’
ﬂ ker (Angm) C m ker (flmgm) .
m>1 m>1

Here, forc € R and m > 1,

gm(0) = ( (C"o, Vi, ) (r2(a))n )1§isrm'
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Proof. We assume that (£;,2;),;., dominates (Qi,éi) weakly on [0, 7]
- 1<i<ps
with respect to C and 0 € () ker (A;,9m), then A, g () =0, Vm > 1. Since
m>1

T

3

) (€70, Vwm, ) 20y (31:wm; ),
(€0, Vwm,) 120y (32, wm; )g,

VYm > 1,

o
Il

‘SQ
[INNg Bl

Amgm (U) =

2 <C*U7 vwmj >(L2(Q))” <apl » Wmy; >QP1
7j=1

one has

> (Co, Vi, )2y (80 W, g, = 0, Vi€ {1,...,pi}, ¥m > 1,

.
=

hence

7

<
3

(C*0, YV, ) 120y (s Wm, g, =0, Vi € {1,...,p2}, Ym > 1,

.
—

ie., ~
Amgm (o) =0, Ym > 1,
and therefore o € [ ker (/imgm> . O
m>1
Now, in the case where O = RY, i.e., the output of the system is given by ¢
sensors (D;, 8;);<;<,, Where s; € L?(D;), D; =supp (s;) C Qfori = 1,2,...,q, and
D;ND; =0 for i # j, the operator C = (C O) is given by

C : (L2 ()" = Re

n n n tr
yr— Cy = (;<Slayi>D1 ;(Szayi>p2 ;<Sq7yi>Dq> )
and its adjoint is C" = (c* O)tr, and for o = (01,02, ...,0,) € RY,
. q q q tr
Cro= (; XD, (x)o;si(x) ; XD, (x)oisi(x) ... ; XD; (x)aisi(x)) . (5)

In this case, the exact and weak dominations with respect to the gradient observation are
equivalent. The following result gives a necessary and sufficient condition for domination
with respect to the sensors.
Corollary 4.5 (£, ai)1<i<p1 dominates (Qi, ?11-) e oM [0,T] with respect to the
- = l_i_pg
sensors (D, s;)1<i<q if and only if there exists v > 0 such that for all o in R?, we have
P2 T Tmo 4 m ow 9
. m4 ~
Z/o [ Z VvV =Am sin(v/ = A, (T — 9)) Z ZW(SZ, aTk]>Dl<ai,wmj>Qi} ds
i=1

m>1 j=11=1k

S’Yi/OT {Z V= sin(v/ = A (T — S))qujzn:m(sz,(()(;Ua?:bl(ai,wmjmirds.

m>1 j=11=1 k=1
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Proof. 1t suffices to use Corollary and the relation . O
In order to give it another characterization, we pose the following definition: for
m > 1, -The matrix S, of order (¢ X r,,) is defined by

Sm:<z<si, C,;ka]>D]> , 1<i<q and 1<j<rpy.

k=1 i/ i

Corollary 4.6 (£,2;),,,, dominates (Qi,&-) on [0,T] with respect to the
sism 1<i<ps

sensors (D;, s;)1<i<q if and only if

ﬂ ker (A,,S5) C ﬂ ker (AmefL) .

m>1 m>1
Proof. Let o € R?, we have

o€ ﬂ ker (A,,S])) < o € ker (4,,SI), Vm > 1 A,Sho =0, Vm >1

m>1
4 Tm
@ZZZUZ sl, Dl<az,wmj>Q =0,Vie{l,2,....,p1}, Vm>1
1=1 j=1 k=1
& Z (C*o, Vwmj>(L2(Q))n (ai,wmj)ﬂi =0,vie{l,2,...,p1}, Ym>1
j=1
< (Apgm) (0) =0,Ym >1< o €ker (Apgm),Ym>1& o€ m ker (Amgm) ,
m>1
this gives
ﬂ ker (A, S5) = m ker (Apmgm) -
m>1 m>1
By the same method, we obtain
ﬂ ker( S") = ﬂ ker (jlmgm).
m>1 m>1
From Corollary we get the result. O
Corollary 4.7 (£, al-)1<i<p1 dominates (Qi,éi) i, O [0, T] with respect to the
s 1<i<ps
sensors (D;, s;)1<i<q if and only if
L Ow,y,. )
> st 5 2y p (@i wim, ), =0, VI €{1,2,...,q}, Vi€ {1,2,....p1}, Ym > 1
J=1k=1 Tk
- - aw7n .
= ;;@h O, >Dl<al,me>Q =0,Vie{l,2,...,q}, Vie {1,2,...,p2}, Vm > 1.

Proof. 1t suffices to use Corollary



124 H. AICHAOUI AND S. BENHADID

Corollary 4.8 If there exists mg > 1 such that rank (Am0 Sf,fo) = g, then
(9, 2i)1 <<, dominates any zone actuators (Qi,éi)1<< on [0,T] with respect to the
== <i<ps

sensors (D, 8i)1<i<q-

Proof. If there exists mg > 1 such that rank (AmOSf;U) = ¢, and the matrix
(Am0 Sf,’;o) is of order (p x ¢), then from the rank-nullity theorem, we have

rank (A sir ) + dim (ker (Al Sir )) =gq,

mo*~mgo mo ™~ mo

then dim (ker (A, S&

mo

)) = 0, which is equivalent to ker (A, Sk ) = {0}, then
[ ker (A SL) = {0}.
m>1
From Corollary the operator (€;,a;), <i<p, dominates any zone actuators
(Qi, éi) with respect to the sensors (D;, s;)1<i<q. O
1<i<pz -
Corollary 4.9 If there exists mg > 1 such that

rank (Apy) =7m, and rank (S} ) =q,

mo

then (£2;, ai)1gigp1 dominates any zone actuators (Qi, ai)lfigpz on [0, T] with respect to
the sensors (D;, s;)1<i<q-
Proof. We suppose that
rank (Sfrfo) = q and rank (A;,,) = Tmg-
The matrix (Sf:;o) is of order (7, X ¢) , then from the rank-nullity theorem, we have

rank (Sﬁ;o) + dim (ker (Sf,:o)) =q,

then
dim (ker (Sir)) =0,

which is equivalent to

fer (517,) = {0}, 0

Similarly, the matrix (A,,,) is of order (p X 7.,,), then from the rank-nullity theorem,

we have
rank (A, ) + dim (ker (Asmg)) = Tmg»

then
dim (ker (A,,,)) = 0,

which is equivalent to

ker (A,,,) = {0}. (7)
On the other hand, if o € ker (A;,,S%7 ), then (A, St ) o = 0, which gives

Ay (S ) =0,
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From @, we obtain ngoa =0, and from @, we obtain ¢ = 0. Then

ker (A Str ) = {0}.

mo~mgo
From Corollary |4.6 (Qi,ai)1<i<p1 dominates any zone actuators (Qi,éi) with
== 1<i<ps

respect to the sensors (D;, s;)1<i<q. O
5 Application to the Wave Equation
We consider a hyperbolic system described by the following wave equation:

aZ'y P1 . P2 B .

@(Ia t) = Ay(I,t) Z Xﬂqal(x)uzl(t) + Z XQLal(I)U%(t)v QX]O7T[7

i=1 i=1
9y (8)
y((E,O) :yo($)7 a(x70) :y1($)7 Q7
y(gat) =0, 8QX]07T[7

where 2 C R” is an open and bounded domain with a sufficiently regular boundary, and
we consider the system augmented by the output equation

0= (Sl gl Seghen o Seaghen )

Dy =1 Z; Do i=1

There exists an orthonormal basis of eigenfunctions (wmj)mzl of A associated to
TS,

eigenvalues (A\y,),,~, with multiplicity r,,, and given by Aw,; = \pwp,;, Ym > 1 and

i=1,2,.. ., m.

For © =10, 1], the eigenfunctions of A are

Wi, () = V2sin (mrz), Ym > 1,
and the simple associated eigenvalues are
Am = —m27%, Ym > 1.

The semigroup generated by A is

1 .
) <y1> _ mzz:1 ((y1, Wi ) g, cos (mmt) + %<y2,wm>Q sin (mt) )wy,
- ;1 (=mm (Y1, wm) g sin (mat) + (y2, win) g cos (mmt))wm

If D =supp(s) C]0,1], (¢ =1 and O = R), the system is augmented with the following
output equation:

and the system is excited by the zone actuators (£2;,a;) and (Ql,él) such that
Q; = supp (a1) CJ0,1[ and 4 = supp (a;) CJ0,1].
Using Corollary we deduce the following characterization.
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Proposition 5.1 (Q;,a) dominates (Ql,d) on [0,T] with respect to the sensors
(D, s) if and only if

( (s, w),)pa, Wi)g, =0, Ym > 1 )= ( (s,wy,) p(@, W), =0, Vm >1 ).

If there exists mg such that <s7 w;nU>D # 0, then, from Corollary an actuator (€21, aq)
dominates (Ql,&l) if

(a1, Wmgy)g, = / ay () sin (momz) dx # 0.
Q

Thus, for example, if a; = wy,,, then the actuator (1, a;) dominates any zone actuator

(Ql, 511) weakly on [0, 7] with respect to the considered sensor (D, s).

6 Conclusion

In this paper, important results and general properties related to the notion of domination
of a general class of controlled and observed hyperbolic systems with respect to gradient
observation are obtained. The role of actuators and sensors is also examined. The
obtained results are related to the choice of convenient efficient actuators. An application
to the case of a one dimension wave equation was conducted, it illustrates the notion
proposed and confirms the results obtained. Many questions remain open, namely some
cases of linear and nonlinear systems. These questions are still under consideration and
the results will appear in separate papers.
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1 Introduction

In various scenarios, information about a particular medium is often depicted as a series
of measurements taken over consecutive time intervals, commonly known as a time series.
The key disparity between the analysis of time series and situations typically examined in
classical statistics lies in the fact that measurements within a time series tend to exhibit
stochastic dependence, whereas classical statistics assumes independence among obser-
vations. One potential contributor to the intricate nature of time series is the presence of
random elements such as measurement errors, system noise, and so forth. At the highest
level of randomness, we may encounter a time series representing a sequence of outcomes
from independent random variables without any discernible structure. Conversely, the
theory of dynamical systems explores the opposite of pure randomness, where future
evolution is uniquely determined by the initial state and governing laws. However, the
behavior of a deterministic system is not necessarily straightforward. Indeed, advance-
ments in nonlinear dynamical systems reveal the existence of deterministic time series
exhibiting highly erratic behavior, resembling realizations of random processes. Such
instances are often referred to as chaotic dynamics.

The primary objective of time series analysis revolves around capturing the rela-
tionship between future observations and their preceding ones. Dating back to Yule’s
introduction of linear autoregression in 1927 to analyze sunspot data, linear models have
held sway in time series analysis for roughly fifty years. To accommodate complex behav-
iors within such a simplistic framework, the presence of external random perturbations
is necessary. In conventional models propelled by noise, for example, the AR and ARMA
models, a future observation is construed as a combination of a specific number of pre-
ceding observations and random disturbances, often Gaussian in nature, referred to as
innovations (see [1]). However, there are straightforward examples of time series such as
those related to chaotic dynamical systems. This poses new challenges: how to recognize
such time series and which methods to employ for their modeling and prediction.

In general, when discussing stationary time series, we have a concept of representing
the model X;, where t € Z, representing the observations of the dynamical system, from
which we can define a set of autocovariance as

Y(t;s) = E[(Xy — p)(Xs — )]

This autocovariance depends only on the distance between ¢ and s, y(¢;s) = (¢t +
h;s + h) for all h € Z. The idea here is to approximate an analytical function by a
weighted sum of sine or cosine functions |12], [13]. The idea is as follows: we seck a
model of the form

Xt = Z a; cos(wit) + bl sin(wit) +é& = Z \/ aiz + bZZ Sin(wi - 97,) + &4, (1)

where (g;) is a sequence of independently and identically distributed random variables. If
we define p; = y/a? + b?, then p; represents the amplitude of the it" periodic component,
indicating the weight of that component within the sum.

. . . . 27
When considering a sample X, X,..Xy_1 and using frequencies w; = =7, the
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dynamical periodogram is defined as

k=N—1 2

Z Xk eikw]'

k=0

It is then possible to demonstrate that % is a consistent estimator of p; in the sense

that this estimator converges in probability as the number of observations increases.

1
Hwj) = 5

Spectral density estimation is an important problem and there is a rich literature.
However, restrictive structural conditions have been imposed in many earlier results. For
example, Brillinger [5] assumed that all moments existed and cumulants of all orders were
summable. Reuman et al. [8] revealed a spectral analysis of stochasticity on nonlinear
population dynamics. Recently, Grytsay and Musatenko [4] gave invariant measurements
in studying the dynamics of a metabolic process for spectral analysis. Spectral analysis
is commonly used in signal processing with the aim of enhancing our understanding
of a signal by exploring its frequency domain. Spectral analysis seeks to extract the
energy spectrum of a signal. When assuming stationarity, the spectrum becomes a one-
dimensional representation of frequency and fully describes the signal’s energy content up
to the second order. Since most signals originate from random processes, spectral analysis
often relies on the domains of probability and statistics [15], [16]. A spectrum can be
estimated through a diverse range of methods that utilize information from the observed
signal and possibly a priori signal models, whether they are physical or mathematical
models. This leads to algorithmic complexity generated by a set of parameters whose
choice influences performance. The choices made, the a priori assumptions, and the
statistical performance are crucial elements for interpreting the spectrum [10].

Our work involves the analysis of time series for the system with estimation of the
spectral density. We employ a technique to construct a spectral density estimator, this is
carried out as an asymptotic study. The paper is organized as follows. Section [2| presents
the formulation of the baseline model, including some essential concepts and our problem
definition. Section [3|lists the asymptotic properties, and exhibits our results. In Section
[] we present a numerical example with simulations.

2 Baseline Model Formulation

Consider any set of observations zi,...,x, that can take complex values. If u =
(u1,...,up) and v = (vy,...,v,)" are two vectors in C", we can define the inner product
of u and v as follows:

i=n
(u,v) = Z UV;. (2)
i=1
Let F,, be a dynamical system of Fourier frequencies defined as

Lo 5

L U T

F,=j€Z,—n<wj= " <m=-— 5

where [z] denotes the floor function of x.
We define the vectors e; for j in Fj, as

ej = n*l/Q(eiwj, einj’ o ,eniwj)/' (3)
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Proposition 2.1 The vectors e;, for j € F,, defined above form an orthonormal
basis for C™.

Proof. We have

(eoen) = —lzew o)
{ —1211%30 o= 1,if j = k;
e

in(wj—wg)

n—le Z(WJ—UJk)(m) =0,ifj ;,é k.

Let us further justify the case when j # k. The first equality arises because we have
a geometric series with a common ratio of e?(“i—«),
Furthermore, the numerator of the fraction becomes zero because, by the definition

of w; and wy,
ein(wjfwk) — eiz‘ﬂ'(j*k) =1

since j — k is a non-zero integer. O

The value I(wj) of the dynamical periodogram of the vector x = (z1,...,2,) at
frequency w; = 2%7 is given by

—itwyj

I(%’)Z%

2 2
1 _ , o
- l(Zt = 1", coswgt) + (Zt = 1" smwﬂ) 1 (4)

The dynamical periodogram is a powerful tool for detecting a signal because if X
contains a sinusoidal component with frequency wg, then, when we are close to this
frequency, the factors X (t) and e~*0o! are in phase and make a significant contribution
to the sum in equation . For other values of w, some terms in the sum are positive,
while others are negative, thus canceling each other out in the sum, which becomes small.
In summary, we can detect the presence of a sinusoidal signal when a large value of I(.)
appears for a certain value of w.

Proposition 2.2 If w; is a non-zero Fourier frequency, then

Iwy) = Y Alk)e ™,

|K|<n
where
t:n k
Z Ttk — .'L't — W)
t=1
with m being the empirical mean of x;, m = n~! Zt 1%, and () denoting complex

conjugation. Also, 7(—k) = 7(k) when k < 0.
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We show a strong resemblance between the obtained expression for I(w;) and the
expression of the spectral density of a stationary dynamical system given by

1 =

flw) = SR when 3 ()] < oo

k=—o0 k=—o0

(wj)-

2

So, we can tak ( i)

3 Asymptotic Properties and Main Results

In this section, we will focus on the asymptotic properties of the periodogram of a
stationary dynamlcal system with a mean p and a covariance function that is absolutely
summable, i.e. Zk,_oo |7(k)| < co. Based on the previous remark, we take the estimator

of f(w;) as I((“)J)/(27T)

We begin by extending the dynamical periodogram to all w € [—m, 7| so that it is no
longer limited to the Fourier frequencies.
For any w € [—m, 7], the dynamical periodogram is defined as follows:

Iy =[S X ?
I,(w) = if =% <w § ZTand w € [0,7];
I,(~w) ifwe][-m0].

For every w € [0, 7], let us denote g(n,w) as the multiple of 27—? closest to w. For every
w € [, 0], we define g(n,w) = g(n, —w). Thus

In(w) = In(g(n,w)).
Proposition 3.1 Let (X;)t € Z be a second-order stationary dynamz'cal system with

a mean p and an absolutely summable autocovariance function (. < Z |v(k)| < oo)

k=—o0

then

(In(0)) = npi®) — 27 £(0),

f &
when "*“'{ E(Iy(w)) — 2nf(w) if w#0

with
L0)=nX? and I(w)= Y_ Akl ™ if w;#0.

|K|<n

Remark 3.1 If ;4 = 0, then E(I,(w)) converges uniformly to 27 f(w) for all w €
[—7, 7).

Proof.

So
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On the other hand,

i=n j=n
h
nVar(X Z Zcov X, X;) Z (1- %)y(h)
i=1j=1 |h|<n

if Y00 (k)| < oo. According to the dominated convergence theorem (Theorem
3.3.1) from [6], we have

oo

- o NP B
Jim nVar(X) = lim > (1= "S)y(h) = Y v(h) =27/(0),

|n|<n h=—00
Z Z 1) (X g i) — )] e~ ikg(nw) _ Z (1_;>,}/(k)e—lk‘g(n,w).
\k|<n t=1 k=n

Since ;7 [7(k)| < oo and according to the dominated convergence theorem (Theorem
3.3.1) from [6],

> (1—@)7(1@)5*9("7*) = 21f(N).

n
|k|<n
On the other hand, we have g(n,w) — w. So

E(I,(w)) — 21f(w).

Theorem 3.1 Let {X;} be a time series process defined by

+o0o
> ek,

k=—oc0

where €, is a strong white noise IID(0,0%) with E(e?) < oo. We assume that

+o00 +00
Z |¢j||j|% and  P(e=) Z Ype A £ 0. We know that
j=—00 k=—c0

o2 .
fx(w) = %W)(@*W)R

1. For fized frequencies 0 < A\y < ... Ay < ™ as n — +o0o, the random vector
(In,x (A1)/fx (A1) ooy I x (M) / fx (M) converges by law to a vector of indepen-
dent random variables with the same exponential distribution with a mean of 1.

2. We have
2/% (w;) +0(n"3)

if wj =0 or m;
fZ(w;)  +0(n"3)
sz <w; < T

Var(Inx(w;)) =
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and  Cov(L, x(wj), In x(wk)) =0~ if w;# wg.
Thus, we show the previous Theorem [3.1] by using the following intermediate lemmas.

Lemma 3.1 Let {Et}{tez} be an 1.i.d. white noise process with a zero mean and
2
g

finite variance 0® < co. Its spectral distribution has a density function of f.(w) = 5

and let I, be the dynamical periodogram of {e:}.

1. Suppose 0 < A1 < Ao < ...\ < 7 are fized frequencies. Then, as n — 400,
the random wvector (I, (A1), In(A2),...,In(Am)) converges by law to a vector of

independent random variables same as a mean of 5—;

2. If B(e}) =no* < 0o and 0 < w; = 2% < 7 are the Fourier frequencies, then

2f2(wj)  +ar 3 Tany
ifw; =0 or m; ifw; =0 or m;
Var(l,(w;)) = J A— j ;
(In(w;)) fe2(w)) —'1—747':371 % + 0
if 0<w;<m if 0<w;<m
and  Cov(In(wj), In(wy)) = 24— if  w; # wg, where Ky is the fourth-order

cumulant of the variable ¢, defined as kq = E{e}} — 3(E{e?})?;

3. Let us assume that the random variables ¢, are Gaussian. In this case, kg4 = 0 and
for all n, the random variables I, (wy)/fe(w), k € {1, L@J} are independent
and identically distributed according to an exponential distribution with a mean of 1.

Proof.

1. Let us note

{ an(w)) = V2 31 egcos(w;t), 5)

Bn(w;) = V2rn Y[ ersin(w;t)

are the real and imaginary parts of the discrete Fourier transform of ¢; at the
frequency points w; = 2%7 For an arbitrary frequency w, we have

In(eg) = 50 gln,w07))? + 7 (g(n,07)))°.

Recall that if a sequence of random vectors Y,, converges by law to a random
variable Y and ¢ is a continuous function, then ¢(Y,,) converges by law to ¢(Y").
It is sufficient to show that the random vector

(an(w1)7ﬁn(w1)7Hwan(wm)yﬂn(wm)) (6)

converges by law to a normal distribution with a zero mean and an asymptotic
2

covariance matrix (§-)l2,,, where Iym is the identity matrix (2m x 2m). We will

first focus on the case m = 1. The proof follows from the following corollary.
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Corollary 3.1 Let U, ¢, wheret =1,...,n and n = 1,2,..., be a triangular se-

quence of centered random variables with finite variances. For all n, the dynam-

ics variables {U,.1,...,Unn} are independent. We define Y, = Z?zl U, and
=37 var(Up:). Then, if for every e > 0,

n

lim 19—1[«:[ 2 (| Un | > e9y)] =0,

n—-+oo p =S

we have

Yn/ﬁn —d N(O, 1).

Let v and v be arbitrary fixed real numbers, and w; € (0, 7). Consider the variable
Y, = ua,(g(n,w;)) + vBn(g9(n,w;)), which can also be written as

n
1
Y, = Un.t,where U, ;=
n tz:; n,t n,t \/%

Note that, for a fixed n, the random variables {U,, ; } are independent. Furthermore,
for all w; # 0, it is easy to verify that

(ucos(g(n,w;)t) + vsin(g(n,w;)t))e;.

1\3\3

n
ZCOSQ(g(n,wJ Zsm (n,wj)t) =
t=1

and
Z cos(g(n, wj)t) sin(g(n, wj)t) =0.

As a result, we can write

92 = Z var(Up¢)
t=1

n

1
T 21

[u2 cos?(g(n, w;)t) + v? sin?(g(n, w;)t)

+ 2uw cos(g(n,w;)t) sin(g(n, wj)t)]
B (u2 +v2)
N 4m
Hence, by setting ¢o = (Ju| + |v])/27¢1 and € = ev/2791/(Ju| + |v]) , we have

Zﬂiﬂz I(|Uny| > €9,)] < %OZJE [£21(|e¢| > € Vn)] = coE [e71(lee| = € v/n)] .

t=1 t=1

The last term tends to 0 as we have E [¢L(|e1| > €v/n)] < E [|e1]?] /¢'v/n) and
E [e1]?] < oo since E [|e1]*] < oo.

— 92

The proof can be easily extended to a set of frequencies ws . . . w,, using the Cramer-
Wold method as we recall the following. Let {V},},>0 be a sequence of real random
vectors of dimension m. V,, —4 W if and only if, for any sequence {wy ... wn} €
R™, the random variable Y,, = wi V1 + - + wmVom —a wiWi + - +wp Wi,
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2. By definition of I,,(w;), we have, at the first order,

1 . w;(t—s 02
E I, (w;)] = poy Z E [ese,] €99 = 7 (7)
s,t=1

At the second order, we have

1 . H(wj(t—s)+wr(v—u
E [I,(w;) I/ (wy)] = @nn)? X Z E [eseieye,] el Wit Hwn(v—u) (8)
s,t,u,v=1

Using the fact that the random variables ¢; are independent, centered, have the
same variance o2 and finite fourth moments, and setting E[e}] = x4 + 30?, we
obtain

IE [€5€t€u€v] = H45s,t,u,v + 04(5s,t5u,v + 5s,u5t,v + 5s,v5t,u)~ (9)

Plugging this expression into |8 we get

n 2

Z ei(wj+wk)t

t=1

Ka 0'4

2
E[In(wj)ln(wk)] = (47T2n) + (471'2712) x |n?+ +

n
§ ei(wk —wj )t
t=1

and therefore

cov [In(w;), In(wi)] = E [In(w;) In(wr)] = E [In (w;)] E [In (wr)]

Z ei(wj+wk)t

t=1

2 2
K4 + O’4 « +
(472n) = (472n?)

n
E ei(wk —wj )t
t=1

This allows us to conclude.

When {e;} is a centered Gaussian variable, the vector

Qn = [an(wl) ﬁn(wl) e O‘n(wﬁ)ﬁn(wﬁ)] .

It is sufficient to calculate the mean vector and its covariance matrix. It is easy to
verify that the mean vector is zero, and that for 0 < wy # w; < 7, we have

E [(0n(@1))?] = E [(5())?] = 1 E [ovn (w1) Ba (w)] = O,
E [on (wr)orn ()] = E [Ba ()87 (@))] =0, Elan(wr)Bn(w)] = 0.

. . . 2 =~ . . . . . ~
The covariance matrix is thus 2212, where I; is the identity matrix of size 7.
A

Consequently, the components of @), are independent. Recall that

In(wj) = (o (w;))” + (Bulwy)*.

From the independence of the components of Q,,, we deduce that the random
variables I, (w;) are themselves independent, and that %&'J") is the sum of the
squares of two independent, centered, identically distributed Gaussian variables,
each with a variance of 1, whose probability distribution is the law of x? distribution

with two degrees of freedom. This concludes the proof. O
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The following lemma shows that there is a similar relationship to the previous one that
relates the dynamical periodogram I,, x (w) of the time series process {X;} and the dy-
namical periodogram I,, .(w) of the strong white noise {e;}.

Lemma 3.2 Let {X;} be a strong time series process, Xy = Z YrEr_. Suppose

k=—o00
“+o0

Z |1/)J||j|2 < oo and E{e}} < oco. Then we have

j=—o00

In,X(wk) = |7/’(67iwk)|2fn,s(wk) + R (wk),

where R, (wg) satisfies

1
max  E{|R,(wi)[*} = O(~) (10)
ke{t,...[ 52} n
and wy = 2% where k € {1,...[ 52|} are the Fourier frequencies.

Proof. Let us denote d:X (wy) and dZ(wy) as the dynamical system of the discrete
Fourier transforms of the sequences { X1, ..., X,,} and {Z1, ..., Z,} at the frequency point

2k with k € {1, ... [(" D1}, We can write successively:

2m ZX e

2mn _Z e (g Z_jemion(t= a>>
2 Z wje (t

by 42 ye (Zn: Zyeiont 4 Un,j(wk)>

t=1

& (w)

3
b

Zte—iwkt

Ik

<.

=(e —W’f)dz (wi) + Y (wi)-

Here, we have defined

n—j n
Unjlwi) = Y Zem ™t =" Ziemiowt (11)
t=1—j t=1
and
1 o
Y (wr) = S e U, (w). (12)

We observe that, for |j| < n, U, j(wg) is a sum of 2|j| independent centered variables with
variance o2, While for |j| > n, U, j(wk) is a sum of 2n independent centered variables
with variance o2. Therefore, using , we have

E [|Un.j(wi)[?] < 20®min(|j],n) (13)
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and
E [|Upn,;(we)[*] € Cro® (min(|j],n))?, (14)

where Cr < oo is a constant. To establish , we only need to set E [Z}] = no? and
use the inequality for p = 4:

E[@w < C(p) (ZE[X@) + S Ex | (15)
k=1 k=1 k=1

Now, use to bound E [|Y;,(wy)|*]. By adapting the notation || X||, = (]E[|X|p])%
(for p > 0), we get, following the triangular inequality (Minkovski inequality) || X +Y|, <
1 X1+ 1Y 1lp,

—+o0
1
sup [V (wi)lla < sup —— > 1illUGm ) (@) la-
k{1, 2501y k(L. [Cgyy V2T 2

From , 1Uen, ) (wi)lla < Co min(|j|,n)2. Therefore

+oo
1 1
sup [V (wi)lla < Co( ) 1| min(|j],n)2.
ke{l,...[ 2571} v2mn j;oo

Now we can write

+o0 . 400 L

> gilmin(liln)2 < Y Jullil.

j=—oo j=—o0
Therefore, ||Y,, (wk)||4 is of the same order as O(n%l)
We can now express R, (wy) = I\ (wi)—[(e™™*)|2IZ (w) in terms of V;, (wi) = d=X (wi)—
P(e™@r)dZ (wy,). Tt follows that
Ry (wy) = [(e™™*)dy7 (i) + Yo (wi)|? = [1(e™ ™) 217 (wi,)
= (e )dy (wi) Yo (—wi) + (e )dy (—wr) Yo (wi) + [V (wi) >

According to Holder’s inequality, || XY, < || X|,|Y]l4 if % + % = 1. Takingp=gq=4
and r = 2, we get

(E [|Ra(wi)l’])? = | R (wi)ll2 < 22 (51l sy (i) 1l Y (i) la + 1Yo (i) -

According to Lemma |dZ (wy)]|4 is of the order of —Z=. Therefore, || R, (wg)||2 is of

Var
the order of % and E[| Ry, (wg)[?] = || Rn(wk)||3 is of the order of +.
This completes the proof of Theorem |3.1 O

4 Applications

4.1 Numerical example

Let X; be an AR(p) process defined by the equation

Xi+ 01 Xo1 + Xy o+ + PpXy—p = €. (16)
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This equation can be written in the following form. Let X; be an AR(p) process defined
by the equation

P
> pXik =e with ¢o=1. (17)
k=0
By multiplying equation by X:_1, we get

P
S okE{Xik X} = E{eiXi} Lag=1. (18)
k=0

We can easily identify the terms of autocorrelation and cross-correlation in the Yule-

Walker equation:

N
Z(bkpww[l - k] = Pex [” with ¢0 =L (19)
k=0

The next step is to calculate the identified cross-correlation term pg, (1) and relate it to
the autocorrelation term p,. (I — k).
The term X;_; can also be obtained from equation :

P
X =— Z GrXi—k—1 + Et—1. (20)
=1

Note that the data and the noise are uncorrelated, so (X;—;w; = 0). Also, the auto-
correlation of the noise is zero at all lags, except for lag 0, where its value is equal to
o2 (recall the flat power spectral density of white noise and its autocorrelation). These
two properties are used in the following steps. We restrict the lags only to non-negative
values and zero,

pex(l) = E{e:Xi 1}

N
=F {st (— Z O Xt—p—1 + €tl> }
k=1

N
- E {_ Z O Xt k18 + Et—lEt} (21)

k=1

=FE{0+ 1154}

=K {Et—l€t}

_J0,1>0

o2 ,1=0.

By substituting equation into equation , we obtain
N
0, 1>0,

> Grpasll — k] =1, ap = 1. (22)
Pt o°, 1 =0,

Here, there are two cases to solve, when (I > 0) and when (I = 0). For the case when
[ > 0, equation becomes

N
Z PPz [l - k] = —Pzz [l] (23)
k=1
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Equation can be written in the matrix form

pxm(o) Pm(2_P) pm(l_P) o1 pm(l)
paz(1) o Pex(3—=P) pzz(2—P) P2 Pzz(2)

: . : : : - : - (24)
Pzxax (P - 1) cee sz(l) Pz (0) op Pz (P)

This is the Yule-Walker system, which consists of a set of P equations and P unknown
parameters. Represent equation in a compact format

09 = —p. (25)
The solutions a can be obtained by

p=—0"'p. (26)

Once we solve for ¢, which corresponds to the model parameters ¢y, the noise variance o2
is obtained by applying the estimated ¢y, in equation with [ = 0. Matlab’s ”aryule”

efficiently solves the Yule-Walker system using the Levinson Algorithm.

4.2 Simulation

We will generate an AR(3) process and assume that we know nothing about the model
parameters (see Figure [1)).

Data AR(3) process
T T T

Value

-F . L . L L L L L L
0 100 200 300 400 500 600 700 800 900 1000
Index

Figure 1: Simulated data for an AR(3) process.

We will take this as an input to the Yule-Walker system and check if it can correctly
estimate the model parameters.

Xt = _Xt—l — 0.8Xt_2 - O.4Xt_3 + &¢.

Generation of data from the AR(3) process is given above.

To execute the simulation and determine which model order fits best, one should
follow the steps below.
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Step 1. Plot the dynamical periodogram (Power Spectral Density - PSD) of the simu-
lated data for reference (see Figure .

Step 2. Estimate the PSD for three different model orders (e.g., AR(2), AR(3), AR(4)).

Step 3. Compare the estimated PSD for each model order to the reference dynamical
periodogram to see which model order best fits the data.

Periodogram Power Spectral Density Estimate
10 T T T T T T
—— PSD estimate of x| | i
5 —— PSD of AR(2) model
——— PSD of AR(3) model
o — PSD of AR(4) model

%hh[ \

=

PSD (dB/rad/sample)
&=

s
=

i
5

do
=)

H

01 02 03 04 05 08 07 08 0.9 1
Frequencies

Figure 2: Dynamical periodogram (estimator of the Power Spectral Density "PSD”).

The order (P) | The estimated parameters (¢;) | The prediction error
2 [1 0.83 0.43] 1.010
3 1 0.81 0.39 -0.037] 1.009
4 [1 0.81 0.39 -0.045 -0.009] 1.009

Table 1: The estimated model parameters and the prediction errors.

The estimated model parameters and the noise variances calculated by the Yule-
Walker system are provided in Table

It can be established that the estimated parameters are nearly identical to what is
expected. See how the error decreases as the model order 'p’ increases. The optimal
model order in this case is P = 3 since the error did not change significantly when
increasing the order, and also, the model parameter ¢4 of the AR(4) process is not
significantly different from zero.

5 Conclusion

In this paper, the estimation of spectral density provides useful insights into the analysis
of time series data. The study emphasizes the importance of understanding the frequency
domain of time series by applying techniques of spectral analysis, providing a unique
point of view that complements traditional descriptive methods. Incorporating weighted
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windows, and addressing bias and variance, highlights the possibility for improvements
in estimation accuracy. Additionally, one of the most notable achievements of spectral
analysis for time series data is its ability to reveal hidden frequencies, allowing for the
detection of underlying patterns and behaviors that may not be readily identifiable in
the time domain.

It is important to add spectral analysis to the tools for studying time series data, the
spectral analysis provides a ”frequency” perspective on time series data, the dynamical
periodogram is a more sophisticated estimator of the spectrum compared to the autocor-
relation function, and the dynamical periodogram is a simple method for estimating the
spectral density. This estimator has drawbacks (bias, variance) that can be problematic
depending on its use. It is possible to improve this estimator by multiplying it by a
weighting window to reduce bias and variance. One of the successes of spectral analysis
for time series data is the detection of hidden frequencies.

Our research of spectral density estimation expands our toolbox for analyzing time
series data and opens the door to fresh perspectives and potential applications in a variety
of disciplines, including signal processing, finance, and economics. The study highlights
the usefulness of spectrum analysis in revealing hidden dynamics in time series, making
it a potent tool for researchers and analysts in the field.

References

1] S. A. Borovkova. Estimation and prediction for nonlinear time series. University of Gronin-
Y
gen Library. Netherlands, 1998.

[2] M.C. Edwards, R. Mayer and N. Christensen. Bayesian nonparametric spectral density
estimation using B-spline-priors. Statistics and Computing 29 (426) (2019) 67-78.

[3] M. M. Gabr and L. M. Fatehy. Time Series Classification. Journal of Statistics Applications
& Probability 2 (2) (2013) 123-133.

[4] V.I. Grytsay and I. V. Musatenko. Spectral Analysis and Invariant Measure in Studying
the Dynamics of a Metabolic Process in the Glycolysis-Gluconeogenesis System. Nonlinear
Dynamics and Systems Theory 24 (1) (2024) 54-64.

[5] D.R. Brillinger. Asymptotic properties of spectral estimates of second order. Biometrika.
56 (1969) 375-390.

[6] D. Hong, J. Wang and R. B. Gardner. Real analysis with an Introduction to Wavelets and
Applications. Flsevier. Amsterdam, Netherlands, 2005.

[7] Y.M. Kim, S.N. Lahiri and D.J. Nordman. Non-Parametric Spectral Density Estimation
Under Long-Range Dependence. Journal of Time Series Analysis 39 (3) (2018) 380-401.
[8] D.C. Reuman, R. A. Desharnais, R.F. Costantino, O.S. Ahmad and J.E. Cohen. Power

spectra reveal the influence of stochasticity on nonlinear population dynamics. Proceedings
of the National Academy of Sciences of the USA 103 (3) (2006) 18860-18865.

[9] T. Mcelroy, and D. Politis. Estimation the Spectral Density at Frequencies Near Zero. A
Preprint 1 (2019) 1-19.

[10] A. Muhith, I. H. Susanto, D. Rahmalia, D. Adzkiya and T. Herlambang. The Analysis of
Demand and Supply of Blood in Hospital in Surabaya City Using Panel Data. Nonlinear
Dynamics and Systems Theory 22 (5) (2022) 550-560.

[11] E. Paparoditis and D.N. Politis. Nonlinear spectral density estimation: thresholding the
correlogram. Journal of Time Series Analysis 33 (3) (2012) 386-397.

[12] E. Parzen. On consistent estimates of the spectrum of a stationary time series. Annals of
Mathematical Statistics 28 (2) (1957) 329-348.



[13]

[14]
[15)
[16]
17)
18]
[19]

[20]

NONLINEAR DYNAMICS AND SYSTEMS THEORY, 25 (2) (2025) 143

E. Parzen. On asymptotically efficient consistent estimates of the spectral density function
of a stationary time series. Journal of the Royal Statistical Society. Series B (Methodologi-
cal) 20 (2) (1958) 303-322.

Y. Pawitan and F. O’Sullivan. Nonparametric Spectral Density Estimation Using Penalized
Whittle Likelihood. Journal of American Statistical Association 89 (426) (1994) 600—610.

M. B. Priestley. Spectral analysis and time series. Academic Press New York. New York,
1981.

H. Rust. Spectral Analysis of Stochastic Processes. Lecture Notes for: GIACS Summer
School. Comorova, Romania, 2007.

X. Shao and W. B. Wu. Asymptotic spectral theory for nonlinear time series. Annals Statist.
35 (4) (2007) 1773-1801.

W.A. Woodward, H. L. Gray and A.C. Elliott. Applied Time Series Analysis. Taylor and
francis group. Boca Raton-Florida, U. S. A, 2011.

S. Zhang. Nonparametric Bayesian inference for the spectral density based on irregularly
spaced data. Computational Statistics €& Data Analysis 151 (2020) 1-14.

7. Zhou. Inference of weighted V-statistics for nonstationary time series and its applications.
The Annals of Statistics 42 (1) (2014) 87-114.



—
Nonlinear Dynamics and Systems Theory, 25 (2) (2025) 152 ( N‘FOR($>
@ ATH

Puhlishing
Group

Hybrid GW-PSO Algorithm for Enhanced Maximum
Power Point Tracking under Various Conditions

N. Douifi *, A. Abbadi?3, F. Hamidia??, N. Rai! and A. Tlemcani ?3

Y Laboratory of Advanced Electronic Systems -LAES, Electrical Engineering Department,
Faculty of Technology, University of Medea, Medea, Algeria.
2 Research Laboratory of Electrical Engineering and Automation-RLEA, Electrical Engineering
Department, Faculty of Technology. University of Medea, Medea, Algeria.
3 Renewable Energy and Materials Laboratory-LERM, Electrical Engineering Department,
Faculty of Technology. University of Medea, Medea, Algeria.

Received: May 29, 2024; Revised: February 27, 2025

Abstract: Photovoltaic (PV) systems face challenges in maximizing their output
potential due to non-uniform sunlight distribution and unpredictable weather con-
ditions, known as partial shading. To address these challenges, hybrid control algo-
rithms have emerged as a promising solution. This paper presents a novel hybrid algo-
rithm called HGW-PSO, which combines the strengths of Particle Swarm Optimiza-
tion (PSO) and Grey Wolf Optimization (GWO). The hybrid approach utilizes the
exploration capabilities of GWO and the convergence capabilities of PSO to achieve
faster convergence, reduced oscillations, and improved implementation efficiency. The
performance of the proposed HGW-PSO algorithm was evaluated under various sce-
narios of uniform and non-uniform shading. The results showed that HGW-PSO
outperformed PSO, GWO, and Peafowl Optimization Algorithm (POA) in terms of
tracking accuracy and convergence speed. Specifically, HGW-PSO achieved an aver-
age efficiency of 99.96% and a convergence time of less than 40 milliseconds, compared
to 99.51% for GWO, 99.28% for POA, and 99.11% for PSO. These results demon-
strate the effectiveness of the HGW-PSO algorithm in maximizing power tracking
outcomes under challenging shading conditions.
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1 Introduction

In the last decade, the world has seen an increase in demand for energy due to the rapid
growth of industrial technology and urbanization, which in turn increases the use of fossil
fuels and traditional sources of energy [1], [2]. Therefore, it became essential to search
for new clean energy sources to replace traditional ones and reduce their serious negative
effects on the environment. Photovoltaic (PV) energy, in particular, has become the
most attractive among all renewable energy sources.

The performance of PV panels is mainly impacted by several factors such as solar ir-
radiation, temperature, and load values [3]. Moreover, in large-scale PV systems installed
in urban areas, the PV system commonly faces a major problem known as partial shading
(PS), which occurs when the PV array receives non-uniform irradiance levels [4]. Solar
radiation is distributed unequally on the PV array because of obstacles in the surrounding
installation sector such as clouds, trees, and buildings. The power-voltage characteristics
of a photovoltaic array under partially shaded conditions (PSCs) are highly nonlinear,
exhibiting multiple local peaks and a global peak denoted as GMPP [5], [6].

The maximum power is harvested from the photovoltaic panel only when the global
peak is tracked. Therefore, a maximum power point tracking (MPPT) controller with
proper technique becomes an essential component in any PV system to locate and track
the specific maximum power point (MPP) regardless of the operating conditions of the
PV system [7]. MPPT’s main function is to control the duty cycle of the boost converter
with the help of meta-heuristic algorithms to match the output power of the PV array
to the load, guaranteeing power optimization and improving system efficiency.

Among all the MPPT techniques existing in the literature, Artificial Intelligence tech-
niques (AI) including Artificial Fuzzy Logic (FL) [8], Ant Colony Optimization (ACO) [9],
and Whale Optimization Algorithm (WOA) [10] are the most popular and widely used
because of their accuracy and capabilities in dealing with MPP tracking, especially un-
der PSC. Despite the merits of these MPPT techniques, they still have some demerits
in relation to each other. Furthermore, no technique can assure the best result in all
terms and under all circumstances |11]. Hence, hybrid algorithms have been presented
in research papers to overcome the drawbacks of the original algorithms and merge their
strength features.

In this paper, a new intelligent hybrid algorithm is proposed as an MPPT technique.
The exploration potential of the GWO algorithm is combined with the exploitation po-
tential of the PSO algorithm to develop the suggested Hybrid Grey Wolf-Particle Swarm
Optimization (HGW-PSO) algorithm. The performance of the proposed HGW-PSO
was evaluated under various weather conditions, including the Standard Test Conditions
(STC), uniform fast-varying irradiance conditions as well as three different non-uniform
(partial shading) scenarios.

A comprehensive comparison was conducted between HGW-PSO and three of the
most commonly used MPPT techniques including GWO [12], Peafowl Optimization Al-
gorithm (POA) [13], and PSO [14]. By testing the system under different scenarios, the
study aimed to assess its ability to effectively track the maximum power output in dy-
namic and challenging conditions and to achieve a balance between response time, energy
efficiency, and stability.
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2 Proposed MPPT Algorithm

2.1 PSO

Particle Swarm Optimization algorithm is one of the most used and well-known
population-based optimization techniques. It was first developed in 1995 by Kennedy [15],
inspired by the intelligent swarm behaviour of birds. Initially, in the PSO technique, par-
ticles are distributed randomly in the search area with a unique position z; and velocity
V;.

During the search process for the optimum solution, a particle’s position is updated
based on the best solution found by the particle in the neighbourhood Pes:, and the
global best solution suggested by the whole population Gpest. Accordingly, the position
of the particle z; is modified by using the relations [16]

it =af + ot (1)

VF L = ok 17y (Poest, — ) 4 cora(Grest — ¥, (2)

where w is the inertia weight, c1, co are the acceleration coefficients, r1, 75 denote the
random values within the interval [0, 1] and % is the current iteration number.

2.2 GWO

Grey Wolf Optimizion (GWO) is a bio-inspired meta-heuristic algorithm introduced by
Mirjalili et al. |[17] in 2014, based on the hunting behavior and hierarchical structure
of grey wolves. Wolves are categorized into alpha («), beta (3), delta (§), and omega
(w). In GWO, « represents the best solution, followed by 8 and ¢. The hunting process
updates wolves’ positions through encircling, hunting, and attacking prey [18].

The encircling behaviour of grey wolves is mathematically modelled as follows [19]:

D=|C.Xp - X", (3)
X1 =Xk — AD, (4)
5, A and C are the coefficient vectors, while k£ is the current iteration. X and Xp

denote the position vector of the search agent and the optimum solution (prey position),
respectively. The vectors A and C are calculated as

A=2ar —a, (5)
C = 2.7%, (6)

r1, and 7o are the random vectors in the range [0,1]. The value a linearly decreases from
2 to 0 over the iterations.

In Grey Wolf Optimization, Alpha leads the hunt, assuming the best solution (prey
location), with Beta and Delta as the next best. Other wolves, including Omega, update
their positions to follow the best candidate. The search agent’s position is updated using
the formulas [20]

Do =|Ci.XE — X%, Ds=1|0o. Xk~ X%, Ds=|Cs.XF — X", (7)
X, =X,-A.D,, Xo=Xs— XDy, X3=2Xs5— A3.D;, (8)
. X+ X+ X
e ] ©)

3
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2.3 HGW-PSO

This algorithm was developed by Narinder Singh et al. [21] in 2017. The main hybridiza-
tion principle of the HGW-PSO algorithm is to merge the exploration ability of GWO
with the exploitation ability of the PSO algorithm. In other words, the PSO algorithm
mechanism is used to replace the updating function of GWO represented in @ This
hybridization is done to obtain the advantages and strengths of the individual algorithms
and reduce their limitations. In the suggested HGW-PSO algorithm, the effect of delta
wolves § is eliminated to enhance its convergence time and efficiency. Ppest; and Gpest
in the velocity equation of the PSO algorithm are replaced with the Alpha solution X3
and the agent’s updated position is calculated using (@ In the HGW-PSO algorithm,
the position of search agents is then updated using the mathematical expressions

VT = o 4 e (X — 2F) + cora (X — 2F), (10)

3

gt = gk okt (11)

3

To apply the proposed HGW-PSO algorithm for MPPT in a PV system, each grey wolf
position is set as the duty cycle (D.) of the boost converter and is modified as
presented in the equations

Do =|C,.DF —DF|, Dg=|C..Df, - D, (12)
D., = D., — A.Dy, D, =D., —A>.Dg, (13)
Df“ — M’ (14)

2
AD! = ADE + ¢17y(De, — D) + cora(D. — DE ), (15)
Dyt = DE + ADEF. (16)

3 Simulation Results and Analysis

To verify the abilities of the proposed MPPT HGW-PSO algorithm, a PV system illus-
trated in the block diagram shown in Figure[Th is modelled and simulated with MATLAB-
Simulink. The PV array used as a PV source in the aforementioned system consists of
three series-connected sub-arrays with a total power of 100.37 kW in standard test con-
ditions (STC). The first and second-row sub-arrays contain 2*66 sub-modules, and the
third-row sub-array consists of 1*66 sub-modules.

The suggested MPPT algorithm is tested for various scenarios of uniform (fast varying
irradiance) and non-uniform shading (PSC) to validate its capabilities in tracking GMPP.
The simulated operating conditions are summarized in Table [1} and their corresponding
PV characteristic curves are shown in Figure [I[p. The performance of the HGW-PSO is
also compared to the performance of the GWO, PSO, and POA algorithms to prove its
efficacy.

Figures [2| and [3| show the output power performance of the tested MPPT algorithms
under the studied scenarios of shading and fast varying irradiance. For a fair comparison,
all the obtained results are summarized in Table 2
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Figure 1: a. Block diagram of the simulated PV system.-b. PV characteristic curves of the
studied PSC scenarios.

Case | PV1 (KW/m?) | PV2 (KW/m?) | PV3 (KW/m?) Purp (kW)
1 1,0.3,0.8,0.5,1 | 1,0.3,0.8,0.5,1 | 1,0.3, 0.8, 0.5, 1 |100.37, 29.418, 80.16, 49.704
2 0.6 0.25 0.6 26.016
3 0.5 0.9 0.7 53.85
4 0.8 0.6 0.25 50.29

Table 1: Irradiance levels for Cases 1 to 4.
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Figure 2: Output power performance of MPPT GWO, POA, PSO and HGW-PSO for uniform

fast varying irradiance (Case 1).

3.1 Uniform irradiance

3.1.1 Casel

This case study involves uniform irradiance levels that undergo an abrupt change from
1 KW/m? to 0.3 KW/m?, as detailed in Table [I} In response to the rapid changes in
irradiance, all techniques exhibit rapid changes in output power. This can be observed
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from Figure [2] and Table 2] While all techniques achieve stable output, the suggested
technique stands out by attaining a steady output power with minimal oscillation and
the highest efficiency of 99.96%. The POA technique follows closely with an efficiency
of 99.88%, followed by PSO with 99.65% and GWO with 99.40%. Furthermore, the
proposed HGW-PS technique exhibits desirable tracking speeds of around 30 ms in the
fast-varying irradiance condition.

Case 2 Partial Shading Condition Case 3 Partial Shadinz Condition
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Figure 3: Output power performance of MPPT GWO, POA, PSO and HGW-PSO for partial
shading Cases 2,3 and 4.

3.2 Non uniform irradiance

3.2.1 Case 2

In this scenario, as illustrated in Figure [Ib, the PV curve depicts the response of the
photovoltaic system under partial shading conditions. The shading induces two closely
spaced operating points on the curve: LMPP at 23.542 kW and GMPP at 26.016 kW.
The proposed technique effectively avoids the local peak and stabilises at the GMPP in
under 35 ms, outperforming other techniques. The HGW-PSO algorithm achieves the
highest efficiency of 99.98%, followed by GWO with 99.55%, POA with 99.36%, and PSO
with 99.13%.

3.2.2 Case 3

Under this scenario of partial shading conditions, the three PV sub-arrays receive dif-
ferent irradiance levels, resulting in a characteristic curve with three multiple peaks,
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including two closely spaced LMPPs and one global peak at 50.87 kW. The proposed
HGW-PSO algorithm demonstrates robustness against local peaks and efliciently reaches
the GMPP with minimal power loss. HGW-PSO achieves the highest efficiency of 99.96%,
outperforming GWO, POA, and PSO, which achieve efficiencies of 99.61%, 99.02%, and
98.40%, respectively. These results highlight the superior power output, faster conver-
gence, and superior tracking capabilities of the suggested algorithm under partial shading
conditions.

3.2.3 Case 4

To enhance the comprehensiveness of the comparative study, an additional partial shad-
ing case is included in Figure [Ip, along with its corresponding PV curve. The maximum
output power achieved by HGW-PSO, GWO, POA, and PSO is 50.26 kW, 50.02 kW,
49.72 kW, and 49.92 kW, respectively. Particularly, HGW-PSO achieves the highest ef-
ficiency of 99.94% among the considered techniques. In contrast, GWO, POA, and PSO
achieve lower efficiencies of less than 99.46%. Moreover, HGW-PSO reaches the GMPP
faster, within 25 ms.

Technique | Case MPP tracked (kW) Tc (s) | Efficiency(%)
1 100.15,28.90,79.97,49.40,100.15 0.284 99.40 (avg)
2 25.90 0.275 99.55
GWO 3 53.66 0.30 99.61
4 50.02 0.272 99.46
1 100.19,29.415,80.03,49.68,100.19 0.28 99.88 (avg)
2 25.85 0.285 99.36
POA 3 53.34 0.29 99.02
4 49.72 0.276 98.87
1 99.87,29.405,79.78,49.57,99.87 0.285 99.65 (avg)
2 25.79 0.285 99.13
PSO 3 53.01 0.282 98.40
4 49.92 0.275 99.26
1 100.36,29.37,80.16,49.70,100.36 0.285 99.96 (avg)
2 26.01 0.262 99.98
HGW-PSO 3 53.85 0.286 99.96
4 50.26 0.265 99.94

Table 2: Comparative analysis of MPPT GWO, POA, PSO and HGW-PSO.

When analyzing the results presented in Table |2 it becomes apparent that the pro-
posed MPPT HGW-PSO algorithm exhibits a remarkable performance compared to the
other tested algorithms, particularly in terms of MPP tracking efficiency and convergence
time. Across all examined cases, HGW-PSO consistently achieves the highest efficiency,
boasting an average efficiency of 99.96%. This surpasses the performance of GWO, POA,
and PSO, which achieve average efficiencies of 99.40%, 99.88%, and 99.65%, respectively.
Moreover, HGW-PSO demonstrates quicker convergence times across most cases, further
underlining its effectiveness in optimizing power generation within photovoltaic systems
across a spectrum of operating conditions.
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4 Conclusion

In conclusion, this paper introduces and investigates a novel HGW-PSO MPPT-based
algorithm designed to optimize power harvesting within the proposed PV system across
various operating conditions. A 100 kW PV system was meticulously modeled and sim-
ulated using MATLAB-Simulink software to assess the performance of the HGW-PSO
algorithm under various shading scenarios, including uniform and partial shading con-
ditions (PSC). Through comparative analysis with existing MPPT techniques, namely
GWO, POA, and PSO algorithms, the capabilities of the proposed MPPT method were
rigorously validated. The results obtained across the four operating scenarios demon-
strate the superior performance of the HGW-PSO algorithm in terms of GMPP tracking
efficiency and convergence time.

Importantly, the nonlinear dynamics underlying the PV system behavior plays a cru-
cial role in the performance of the proposed HGW-PSO MPPT algorithm. The existence
of multiple local maxima and the complex interactions between environmental factors
such as shading patterns, result in highly nonlinear power-voltage characteristics in the
PV array. The HGW-PSO method’s ability to rapidly converge to the global maxi-
mum power point, even under partial shading, indicates its strong capacity to navigate
these nonlinear landscapes. By incorporating both global and local search strategies, the
HGW-PSO algorithm effectively overcomes the challenges posed by the inherent nonlin-
earities in the PV system. This highlights the significance of the obtained results for
advancing nonlinear optimization techniques applied to renewable energy systems.The
insights gained from this work have important implications for enhancing the power
generation efficiency of photovoltaic installations in real-world, dynamically changing
operating conditions.
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Abstract: Air pollution is one of the problems faced by big cities, including
Surabaya. One of the factors that drives air pollution in big cities is high popu-
lation mobility. As known, air is composed of oxygen (02), carbon dioxide (CO2),
tropospheric ozone (03), nitrogen (N2), and particles (PM10 and PM 2.5). High
concentration levels of O3 pollutants in an urban area can endanger human health
and ecosystems. To monitor air quality in Surabaya city, the city government uses
monitoring equipment and air control station facilities. The data obtained becomes a
reference for predicting air conditions at that time and forecasting future conditions
using certain methods. In this research, the methods used for forecasting are Sup-
port Vector Regression (SVR) and K-Nearest Neighbor (K-NN). The Support Vector
Regression (SVR) method showed the best error value of 0.0583 and the K-Nearest
Neighbor (K-NN) method had the best error value of 0.0486.
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1 Introduction

Air pollution is a serious problem faced in big cities, including Surabaya. Some of the
contributing factors include high mobility and motorized vehicles. According to the
Air Visual’s AQI (Air Quality Index) publication in 2019, Surabaya was ranked seventh
among the most polluted cities in Indonesia and ranked 226th among the cities of the
world [1]. Based on this fact, the Surabaya city government made efforts by issuing Local
Regulation Number 3 of 2008 concerning Air Pollution Control of Surabaya City [2].

The air condition of Surabaya with high population mobility is directly proportional
to the massive use of motorized vehicles. This is shown by two-wheeled vehicles increasing
7.03% per year from 1,944,802 vehicles in 2015 to 2,081,449 vehicles in 2016 and 2,159,069
in 2017. This resulted in the traffic in the city of Surabaya having a negative impact in the
form of air pollution from emissions released by vehicles [3]. Based on these conditions,
it is necessary to make a directed and scientific solution for handling such air pollution.

By the development of information technology, it is possible to make a machine
learning-based prediction system. The advantages of machine learning are that it pro-
vides easier implementation with low computational costs, as well as fast training, vali-
dation, testing, and evaluation with high performance compared to physical models, and
is relatively less complicated [4].

In this research, we use two methods, namely Support Vector Regression (SVR) and
K-Nearest Neighbor (K-NN). Support Vector Regression (SVR) is a development method
of the Support Vector Machine (SVM) which is applied for solving regression cases and
provides output in the form of continuous data with real numbers so that it can be used
for forecasting [5|. K-Nearest Neighbor (K-NN) is a machine learning algorithm used
for classification and regression. This algorithm is based on the idea that similar data
instances tend to be close to each other in feature space [6], [7].

In previous research, the SVR algorithm was successfully used to forecast the air
quality index in Makassar City [8], while the K-NN algorithm was successfully used in
predicting air quality in Jakarta City [9]. This research aims to develop and to compare
the performance of each method in predicting air pollution levels in the city of Surabaya.

2 Research Methods

The dataset used in this study comes from the Surabaya City air condition data dated
01/01/2020 to 31/12/2020. An overview of the research can be seen in Figure [I| below.

1. Problem Identification: This study deals with a case study on the prediction of
the air pollution level in the city of Surabaya.

2. Data Acquisition: The data used in this study is secondary data sourced from
the Surabaya City air conditions as of 01/01/2020 to 31/12/2020.

3. Data Preprocessing and Analytics: Basically, data preprocessing and analytics
are used to see the initial condition of the dataset obtained from the source. At
this stage, the dataset is identified from the data type to missing values that may
occur.

4. Feature Selection: This study uses the Pearson Product correlation analysis
technique to find a linear relationship between two variables having a normal dis-
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DATE PM10 SO2 CO O3 NO2 MAX  RESULT

01/01/2020 30 20 10 32 9 32 GOOD
02/01/2020 27 22 12 29 8 29 GOOD
03/01/2020 39 22 14 32 10 39 GOOD
04/01/2020 34 22 14 38 10 38 GOOD
05/01/2020 35 22 12 31 9 35 GOOD
06/01/2020 46 23 16 32 9 46 GOOD
07/01/2020 37 23 26 33 11 37 GOOD
08/01/2020 41 26 20 30 11 41 GOOD
09/01/2020 52 23 29 24 12 52  AVERAGE
10/01/2020 24 24 18 25 8 25 GOOD

11/01/2020 34 31 25 23 8 34 GOOD

12/01/2020 27 23 9 33 4 33 GOOD

13/01/2020 33 26 12 36 8 36 GOOD

14/01/2020 34 28 13 27 7 34 GOOD

15/01/2020 29 22 13 36 8 36 GOOD

01/01/2020 30 20 10 32 9 32 GOOD
8

16/01/2020 52 60 19 30 60 AVERAGE

31/12/2020 18 13 6 24 3 24 GOOD

Table 1: Dataset.

tribution [10]. Below is the function of the Pearson Product:

B NEXY — (X)(Y)
- VNEZXZ - SX2NYYZ - %Y?

(1)

Tzy

Notes: 74y is the relationship coeflicient; N is the number of samples used; X is
the total score of questions; Y is the sum of total scores.

. Model Selection: Support Vector Regression (SVR) is a development algorithm
of the Support Vector Machine (SVM) algorithm introduced by Cortes and Vapnik
[11]. Like SVM, SVR also uses the best hyperplane in the form of a regression
function by making the error as small as possible. The function of the SVR can
generally be written as follows:

f(@) = we(x) + b (2)

with f(z) being the regression function; w being the vector; b being the bias and
the decision boundary equation

W.+b = +e
W,y+b = -—e

so that the hyperplane fulfills the inequality

e<y—W,+b< +e
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Figure 1: Research methods.

with the minimization function
1 n
2
MIN §||’w | +CZ |l
=1
and the constraint function
lyi — wizi| < e+ [&]

Then, for the K-Nearest Neighbor (K-NN) algorithm calculated using the Euclidean
rule, the mathematical function can be written as follows:

D=/(x2—21) %2~ (y2 — ) *2 3)

with D being the distance; x being the data sample; y being the testing data.

. Model Training: At this stage, the predicted values of the Support Vector Re-

gression (SVR) and K-Nearest Neighbor (K-NN) algorithms are trained based on
the division of training data and testing data to obtain error values and accuracy
values.

. Model Testing: Model testing of the learning outcomes with the prepared test

data.

. Evaluation Model: At the evaluation stage, the model trained and tested is

calculated for accuracy based on the resulting error value. This study uses the
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Root Mean Square Error (RMSE) method to calculate the error value generated
by the model. The function of the Root Mean Square Error (RMSE) is as follows:

E(yi — 9i)°
n

RMSE = (4)
with n being the quantity of data; y; being the actual value at the i-th data; g;
being the predicted value at the i-th data.

3 Result and Discussion

This study tries to implement two machine learning algorithms, namely SVR and KNN,
to forecast air pollution using the Python programming language. This study shows the
comparison based on the methods and the difference in the quantity of training data
and testing data shown in Figures Figure [2] is the simulation result of the SVR and
K-NN algorithms with 70% of training data and 30% of testing data.

Comparison Actual & Prediction 03 Indicator Value Perod 01/01/2020 - 01/01/2021 { Tr 70% Ts 30% )

—— Actual Value
Prediction using SVR
Prediction using KNN

o o R A
P LS s i o

Date

i s ot
o b b e

Figure 2: Results of forecasting air pollution by 70% of training data and 30% of testing data.

The simulation results in Figure [2| show the performance comparison of the SVR and
K-NN methods in predicting O3 levels in Surabaya with a data split into 70% of training
data and 30% of testing data. It appears in the simulation results in Figure |2, that the
simulation results using the KNN have a smaller error than those of the SVR, with the
RMSE of the KNN of around 0.0486 and the RMSE of the SVR of around 0.0583.

It can be seen that the prediction using the KNN (marked by the black line) is more
accurate and consistently close to the actual value (marked by the red line) compared
to the prediction using the SVR (marked by the blue line). The graph clearly illustrates
that the KNN is more effective in following the fluctuations and dynamics of O3 historical
data, thus providing predictions that are closer to reality.

The simulation results in Figure [3| show the performance comparison of the SVR and
K-NN methods in predicting O3 levels in Surabaya with a data split into 80% of training
data and 20% of testing data. It appears in the simulation results in Figure [3| that the
simulation results using the KNN have a smaller error than those of the SVR, with the
RMSE of the KNN of around 0.0504 and the RMSE of the SVR of around 0.0588.
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Figure 3: Results of forecasting air pollution by 80% of training data and 20% of testing data.
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Figure 4: Results of forecasting air pollution by 90% of training data and 10% of testing data.

The simulation results in Figure [] show the performance comparison of the SVR
and K-NN methods in predicting O3 levels in Surabaya with a data split into 90% of
training data and 10% of testing data. It appears in the simulation results in Figure [4]
that the simulation results using the KNN have a smaller error than those of the SVR,
with the RMS of the KNN method having a smaller error than that of the SVR method.
A recapitulation of the results of each simulation can be seen in Tables

In Table [2] it can be seen that the RMSE value produced by the SVR algorithm is
the best in the first simulation with a ratio of 70% of training data and 30% of testing
data. Then, in the second and third simulations, there is an increase in the RMSE value
with a difference of 0.0005 to 0.0046 compared to the first simulation.

In Table [3] it can be seen that the RMSE value produced by the KNN algorithm
is best in the first simulation with a ratio of 70% of training data and 30% of testing
data. Then, in the second and third simulations, there is an increase in the RMSE value,
which has a difference of 0.0014 to 0.0018 compared to the first simulation. A complete
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70% Training  80% Training  90% Training
Data and 30% Data and 20% Data and 10%
Testing Data Testing Data Testing Data

RMSE from
Forecasting 0.0583 0.0588 0.0629
Results

Table 2: Comparison of SVR RMSE Values

70% Training  80% Training  90% Training
Data and 30% Data and 20% Data and 10%
Testing Data Testing Data Testing Data

RMSE from
Forecasting 0.0486 0.0504 0.0500
Results

Table 3: Comparison of SVR-KNN RMSE values.

comparison of the RMSE values of the two algorithms can be seen in Table

70% Training 80% Training 90% Training
Data and 30%  Data and 20%  Data and 10%
Testing Data Testing Data Testing Data
SVR KNN SVR KNN SVR KNN

RMSE from
Forecasting  0.0583 0.0486 0.0588 0.0504 0.0629 0.0500
Results

Table 4: Comparison of KNN RMSE values.

In Table [d] it can be seen that the RMSE value produced by the SVR and KNN
algorithms is the best in the first simulation with a ratio of 70% of training data and
30% of testing data. Then, in the second and third simulations, there is an increase in
the RMSE value occurring in each algorithm. The table above shows that the RMSE
value of the simulation results generated by the two algorithms does not touch 1%.

4 Conclusion

Based on the simulation results obtained, it can be concluded that the first simulation
results of the SVR and KNN algorithms are the best simulation results with an SVR
RMSE value of 0.0583 and a KNN RMSE value of 0.0486. These results prove that the
SVR and KNN methods provide good prediction results.

References
[1] M.M. Syaifulloh. Prediction of Air Pollution Standard Index in Surabaya City Based on

Carbon Monoxide Gas Concentration. Jambura Journal of Probability and Statistics 2 (2)
(2021) 86-95.



160
2]
3]

[10]

[11]

[12]

[13]

[14]

[15]

[16]

I. INDASAH, et al.

M. R. Fithori, M.N. Ubaidillah and M.Z. A. Mukminin. Air Pollution Control Through
Regional Regulations. Ma’mal: Journal of Sharia and Law Laboratory 5 (1) (2024) 73-94.

G. A. Setyo and R. E. Handriyono. Analysis of the Distribution of Carbon Monoxide (CO)
Gas from Transportation Sources on Kertajaya Indah Highway, Surabaya. Environmental
Engineering Journal ITATS 1 (1) (2021) 18-26.

N.M.O.W.S. Sari, H. Elindra and A.H. Saputra. Carbon Monoxide Prediction Using
Machine Learning Model Based on Comparison of Time Series Models Case Study of DKI
Jakarta. Collaborative Journal of Science 7 (3) (2024) 1116-1128.

M. E.S. Wicaksono, G.M. A. Sasmita and I.P.A.E. Pratama. Air Quality Forecasting
in Central Jakarta City Using Long Short-Term Memory and Support-Vector Regression
Methods. JITTER - Scientific Journal of Technology and Computers 4 (1) (2023).

I. Irwansyah and A.D. Wiranata. Comparison of Decision Tree Algorithms, Naive Bayes
and K-Nearest Neighbor to Determine Air Quality in DKI Jakarta Province. Infotech:
Journal of Technology Information 9 (2) (2023) 193-198.

T. Herlambang, V. Asy’ari, R.P. Rahayu, A. A. Firdaus and N. Juniarta.

Comparison of Naive Bayes and K-Nearest Neighbor Models for Identifying the Highest
Prevalence of Stunting Cases in East Java. BAREKENG: Journal of Mathematics and Its
Applications 18 (4) (2024) 2153-2164.

R. W. Rahmat, S. Annas and Z. Rais. Support Vector Regression (SVR) Analysis to Predict
Air Quality Index in Makassar City. VARIANSI: Journal of Statistics and Its application
on Teaching and Research 5 (3) (2023) 104-117.

A. Amalia, A. Zaidiah and I. N. Isnainiyah. Air Quality Prediction Using K-Nearest Neigh-
bor Algorithm. JIPI (Scientific Journal of Informatics Research and Learning) 7 (2) (2022)
496-507.

R.M. Tedja, M. Arifin and E.S. Agustian. Correlation Analysis of Airbus A320-200 Air-
craft Age Against the Amount of Corrosion Occurring Using the Pearson Product Moment
Correlation Method. JIPI (Journal of Aerospace Technology) 8 (2) (2023).

R. Puspita, H. Cipta and R. Aprilia. Application of the Support Vector Regression Method
with the Grid Search Algorithm to Predict Movement Gold Price. Science Incandescent
Journal 19 (2) (2024) 380-385.

V. Asy’ari, M. Y. Anshori, T. Herlambang, I. W. Farid, D. F. Karya, and M. Adinugroho.
Forecasting average room rate using k-nearest neighbor at Hotel S. In: International
Conference on Advanced Mechatronics, Intelligent Manufacture and Industrial Automation
(ICAMIMIA), IEEE, Nov. 2023, 496-500.

D. Novita, T. Herlambang, V. Asy’ari, A. Alimudin, and H. Arof. Comparison Of K-
Nearest Neighbor And Neural Network For Prediction International Visitor In East Java.
In: BAREKENG: Journal of Mathematics and Applied Sciences 18 (3) (2024) 2057-2070.

M.Y. Anshori, V. Asy’ari, T. Herlambang, and I. W. Farid. Forecasting occupancy rate
using neural network at Hotel R. In: International Conference on Advanced Mechatronics,
Intelligent Manufacture and Industrial Automation (ICAMIMIA), IEEE, Nov. 2023, 347-
351.

F. A. Susanto, M. Y. Anshori, D. Rahmalia, K. Oktafianto, D. Adzkiya, P. Katias and T.
Herlambang. Estimation of Closed Hotels and Restaurants in Jakarta as Impact of Corona
Virus Disease (Covid-19) Spread Using Backpropagation Neural Network. In: Nonlinear
Dynamics and Systems Theory: An International Journal of Research and Surveys 22 (4)
(2022) 457-467.

M.Y. Anshori, T. Shawyun, D. V. Madrigal, D. Rahmalia, F. A. Susanto, T. Herlambang,
and D. Adzkiya. Estimation of closed hotels and restaurants in Jakarta as impact of corona

virus disease spread using adaptive neuro fuzzy inference system. In: TAES International
Journal of Artificial Intelligence (IJ-AI) 11 (2) (2022) 462—-472.



—
Nonlinear Dynamics and Systems Theory, 25 (2) (2025) 170 ( N?OR($>
@ /A

Puhlishing
Group

A Novel Chaotic Jerk System with Multistability and
[ts Circuit Implementation

K. Kalaichelvi, R. Rameshbabu*, V. Dharshini Priya,
P. Gokula Rithanya, G. K. Bhavadharani and K. S. Gayathiri

Department of Electronics and Communication Engineering,
V.S.B. Engineering College, Karur, Tamilnadu, India - 639111

Received: March 27, 2024;  Revised: April 1, 2025

Abstract: In this research paper, a new chaotic jerk system is presented. The
specialty of the new system is that it can produce coexisting multiple attractors for
different initial conditions. This special behavior of the new system can be used to
increase the security of the communication system. The bifurcation diagram, Lya-
punov exponents, attractor diagrams, and basin of attraction are the important tools
used to validate the multistability of the proposed system. The simulation results
indicate that there are multiple coexisting attractors in the new system. Finally, an
electronic circuit is designed for the proposed system to realize the coexisting attrac-
tors in practice.

Keywords: jerk system; multistability; bifurcation analysis; circuit simulation.
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1 Introduction

In recent years, chaotic jerk systems have been introduced with hidden attractors [1],
multi-scroll attractors [2], multi-stability [3], mega-stability [4], hypogenetic system [5],
memristor [6], and coexisting attractors [7]. The invention of the chaotic jerk system
with coexisting multiple attractors is very important in recent days because of its many
engineering applications such as secure communication systems [§], image processing [9],
random number generation [10], etc. The coexisting attractors, which means multiple
attractors, can be observed in any nonlinear dynamical system for different initial condi-
tions and system parameters. This special behavior of the system increases its complexity
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Figure 1: (a-d) The attractors of the new system in 2D and 3D planes.

and can be used to improve the security of the communication system. Recently, many
researchers |[11H14] introduced chaotic jerk systems with coexisting multiple attractors
and analyzed their dynamical properties employing a bifurcation diagram and Lyapunov
exponents. It was understood through dynamic analysis that the chaotic system can
have coexisting chaotic attractors, stable node attractors, and limit cycle attractors for
a certain range of system parameters. When the system produces an infinite number
of coexisting attractors for the variation of initial conditions, the phenomenon is called
extreme multistability.

The proposed chaotic jerk system has only one cubic nonlinearity and exhibits coex-
isting attractors in both periodic and chaotic states when initial conditions are changed.
The chaotic and coexisting attractor behavior in the new system is verified through the
bifurcation diagram, Lyapunov exponents spectrum, and attractor diagram. The dis-
sipativity, equilibrium points, and stability analysis were also conducted to verify the
chaotic nature of the proposed system. Furthermore, an electronic circuit is designed for
the proposed system using basic electronic components such as resistors, capacitors, and
OPAMP and simulated in Multisim software. As a result of the simulation, the chaotic
attractors are obtained for the practical implementation of the proposed system.
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Figure 2: (a) Bifurcation diagram with X;(0) (Blue) and X2(0) (Red); (b) Lyapunov
exponent plots of the system under the parameter a; (c-d) Coexisting attractors in
the xz-plane at a = 125 and a = 133, respectively.

2 Theoretical Model of Novel Chaotic Jerk System

In this section, a new jerk system is introduced and its dynamical behaviors, including
dissipativity, equilibrium points, stability, Lyapunov exponents, and Lyapunov dimen-
sion, are analyzed in detail. The new system is of the form

=y,
Y=z (1)
i=ax — 3 — by — cz.

Here, z,y,z are the state variables and a = 133, b = 51, ¢ = 1.6 are the parameters of the

system .

2.1 Lyapunov exponents and Lyapunov dimension

The numerical values of Lyapunov exponents for the new system can be calculated
as LE, = 0.404527, LE; = 0, LE3 = —2.028421. The Lyapunov dimension (Dj,) can be
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Figure 3: (a) Bifurcation diagram with X;(0) (Blue) and X2(0) (Red); (b) Lyapunov
exponent plots of the system under the parameter b; (c-d) Coexisting attractors in
the xy-plane at b = 51 and b = 54, respectively.

obtained as Dy, = 2 + LFT}J;EZEZ = 2.199, which indicates the fractional dimension of the
proposed system .

2.2 Equilibrium points and stability

The equilibrium points can be calculated by letting £ = 0,y = 0 and 2 = 0 in as
given by
y=0,
z =10, (2)
ar —x% — by — cz = 0.

The solution of can be obtained as * = +/a and thus the equilibrium points are
E1:[07 0, 0], E273:[i\/a, 0, 0].

Now, the Jacobian matrix (J) of the new system can be written as
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Figure 4: (a) Bifurcation diagram with X;(0) (Blue) and X2(0) (Red); (b) Lyapunov
exponent plots of the system under the parameter ¢; (c-d) Coexisting attractors in
the yz-plane at ¢ = 16 and ¢ = 18, respectively.

0 1 0
J = 0 0 1]. (3)
a—3z2 —-b —c

The Jacobian matrix at the equilibrium point F; can be written as

0 1 0
JE)=[0 0 1]. (4)
a —b —c

The corresponding eigenvalues are
A1 =2.233, Ay = —1.917 — j7.476, A3 = —1.917 + j7.476.

Since A; is positive, the new system is unstable at the equilibrium point E;. The
Jacobian matrix at the equilibrium points F»> and E3 can be written as

0 1 0
J(Es) = J(E3) = 0 0 1 (5)
—2a —-b —c
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Figure 6: (a-b) Chaotic attractors of the scaled system ().

The corresponding eigen values are
A1 = 1.333 + j7.784, Ay = 1.333 — j7.784, A3 = —4.265.

Since the real parts of eigenvalues \; and A9 are positive, the new system is unstable
at the equilibrium points Fy and F3. Hence, we can conclude that the proposed system
is unstable at all the equilibrium points. The attractors of the system are given
in Figure [1] with the initial conditions X;(0) = (0,1, —1).

3 Dynamic Analysis

In this section, the multistability in the proposed system is shown with the help of
bifurcation diagrams, Lyapunov exponents spectrum, and attractor diagrams. When the
initial conditions are changed, the system presents multistability with the same pa-
rameter values. The bifurcation diagram and Lyapunov exponents spectrum diagram can
be obtained by varying the particular parameter by keeping other parameters constant.
All the simulation results of the attractor diagram for the multistability are obtained
with the initial conditions X;(0) = (0,1, —1) (blue color) and X5(0) = (0,—1,1) (red
color). The new system presents periodic and chaotic states when we vary the pa-
rameter values and coexisting attractors are evolved in both chaotic and periodic states
in the new system . The simulation results indicate that there is a wealth of chaotic
dynamics and the existence of coexisting attractors in the proposed system .
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Figure 7: (a-c) Electronic system design for the scaled system @

The dynamical behavior of the system ) is analysed under the parameters ae[110 —
135]. Figure shows the bifurcation diagram for the parameter a with the initial
conditions (0,1, —1) (Blue) and (0,—1,1) (Red). It is found that the system has a
periodic state in ae[110 — 130] and a chaotic state beyond a = 130. The non-overlapping
regions in Figure [24] indicate that there is the presence of coexisting multiple attractors
in the system . Figure |2b|represents the variation of Lyapunov exponent values under
the parameter a and has at least one positive value beyond a = 130. Figures [2c| and
show the coexisting attractors of the system under chaotic and periodic regions.

Next, the dynamic property of the system is analyzed under the parameter
be[49 — 57]. The corresponding bifurcation diagram and Lyapunov exponents spectrum
are shown in Figures|3aland which demonstrate that there is an inverse periodic dou-
bling nature in the system, i.e., the system ([1)) is in the chaotic state within be[50.4 —51.5]
and then it enters into the periodic state.

It is also observed from Figure that the states of the system are not modified
by the different initial conditions but the bifurcation values are changed. Thus, we can
conclude that the system produces coexisting multiple attractors for the different
values of initial conditions. The coexisting attractors of the system under b = 51 and
b = 54 are given in Figures [3d and respectively.

The dynamic property of the system is analyzed under the parameter ¢ € [1 — 2].
The corresponding bifurcation diagram and Lyapunov exponents spectrum are shown in
Figures [4al and which demonstrate that the system is in the chaotic state within
ce[l — 1.7] and then it produces period - 4, period - 2 and limit cycle attractors.

It is also observed from Figure [4a] that the states of the system are not modified
by the different initial conditions but the bifurcation values are changed. Thus, we can
conclude that the system produces coexisting multiple attractors for the different
values of initial conditions. The coexisting attractors of the system under ¢ = 16 and
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Figure 8: (a-d) Electronic simulation results with a = 133,b = 51,¢ = 1.6.

¢ = 18 are given in Figures [4d and respectively.

Finally, the presence of coexisting attractors in the proposed system is verified by
plotting the riddled basin of attraction relative to the xg - yo plane as shown in Figure
which indicates two types of attractors in the proposed system.

4 Electronic Circuit Implementation

In this section, an electronic circuit is designed for the proposed coexisting attractor jerk
system to obtain its attractors for practical applications [15H17]. It is observed from
Figure that the range of state signals z,y and z is (—4,17), (=50, 70) and (—500, 400),
respectively. Since the practical circuit realization uses the voltage range (—15,15)Volt,
the range of state signals also must be (—15,15)Volt. This can be achieved by scaling
the proposed system . Now, assume that p = 3, ¢ = £ and r = 55, where p,q and
are the scaled state variables of the system . Thus, the scaled system can be written
as in @, and its attractors are given in Figure @] with a = 133,b = 51,¢c = 1.6. Note
that the phase diagrams of the scaled system are identical to those in Figure [1| but the

range of state variables is reduced within (—15,+15).
p = 2.5q,
G="72r, (6)
= g—gp—%pdf%q—cr.
The equations for the proposed system in terms of electrical parameters are given by
= R;%(_r)? 1 /.3 1 1 0
r= R;c3 (—p) + ch's (p ) + R;c3 (Q) + RZC3 (T)

By comparing @ and , the electrical equations for the parameter values can be
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obtained as follows:

__ _18

4= Ry
_ 36

b= sm.0; (8)
_ 1

CcC = 7RGCS .

The electronic circuit design for is displayed in Figure m it uses basic components
such as resistors, capacitors, and opamps. The resistance values can be obtained with
the parameters a = 133,b = 51,¢ = 1.6 and the capacitance C' = C; = Cy = C3 = InF
as

Ry = 4000KQ, Ry = 1400KQ, Ry = 1200KQ, Ry = 45MQ, Rs = 1400KQ, Rg = 6250 K.

The Multisim simulation results for chaotic attractors are given in Figure |8 which is
almost identical to Figure [6]

5 Conclusions

In this paper, a new 3-dimensional coexisting multiple attractors chaotic jerk system is
presented and its dynamical properties are analyzed in detail. The parameters of the
proposed system are analyzed under chaotic and periodic states using a bifurcation di-
agram with different initial conditions. The dynamic analysis shows that the proposed
system can have multiple coexisting attractors under the variation of initial conditions.
The riddle basin of attraction is plotted, which confirms the presence of different attrac-
tors in the proposed system. The proposed electronic system design for the new system
is verified using Multisim software and can be used to solve many issues in practice.
The attractors obtained by the Multisim simulation are identical to those obtained by
numerical simulation. The complex dynamics and circuit implementation of the pro-
posed nonlinear dynamical system can be used in many practical applications such as
communication system. It can be concluded that the proposed system has chaotic and
unpredictable behavior.
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1 Introduction

Mathematics has always been the beating heart of the science, and the interaction be-
tween them has been crucial for centuries. Mathematical theories and fundamental con-
cepts have enabled the description of aspects of the natural world, including motion in
mechanics, electricity, gravity, and general relativity.

The connection between mathematics and mechanics is profound as mechanics elu-
cidates the motion of objects influenced by specific forces within the realm of physics.
The mathematical exploration of mechanics commences with the definition of physical
quantities and geometric representations, often leading to the formulation of graphs and
diagrams. Contact mechanics, a subfield of mechanics, delves into the deformation of
materials in contact with one another. Mathematical modeling and analysis play pivotal
roles in comprehension [11], with nonlinear partial differential equations and variational
inequalities being among the primary mathematical tools employed, along with hemi-
variational inequalities.

Thermal phenomena are closely linked to the mechanics of contact. For example,
certain crystals such as quartz, tourmaline, and Rochelle salt exhibit mechanical stresses
due to thermal expansion when exposed to heat [5]. Research has extensively explored
the laws that govern these thermo-mechanical interactions. The models of thermo-elastic
bodies are elaborated in [1]. Additionally, studies examining changes in piezoelectric
materials in relation to thermal effects are presented in |4] and [12]. Frictional contact
between bodies has taken a considerable place in research, see 7], dealing with a contact
problem between materials and physical phenomena (friction, damage and wear), while
for a dynamic problem of frictional contact in mechanics in other studies on mathematical
numerical solutions of variational inequalities, one can refer to [9).

Furthermore, there are results and research focusing on abstract hemivariational in-
equalities and numerical simulation outcomes providing numerical evidence regarding the
theoretically predicted optimal convergence order, as referenced in [6,[8/10]. Addition-
ally, in |1], the study delves into the hemivariational inequality and the frictional contact
problem with damage, furthermore, there are other studies focusing on numerical aspects,
which can be found in [2]. The paper is structured as follows. Notations and prelimi-
naries are detailed in Section [2] while the model, a list of assumptions, and a variational
formulation of the problem will be discussed in Section 3] Subsequently, in Section [4] we
will cite the results concerning existence and uniqueness as presented in Theorem
The proof of this theorem relies on variational and hemivariational inequalities as well as
results related to the existence and uniqueness of Banach fixed points. Finally, in Section
we will present the numerical study, employing the finite element method and finite
differences to achieve a precise numerical approach to the solution.

2 Notations and Preliminaries

We present the notations and recall some preliminary concepts.

Let us consider Q' ¢ R? as a bounded domain with an outer Lipschitz boundary
denoted by T'!, and let v represent the unit outer normal on 9! = I''. We define the
spaces

l Id 1 AN 1 A O S SN B | l
H' = L*(QhYY = {v = (v) .vieLQ(Q)}, H —{T = (7‘ )Tij—TjiELZ(Q)},

i i

H{(QY = {v'=(v})) e H :e(v) e H'}, Hi ={r' e H': Divr* € H'},
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H' H, HL(QYHY and H!Y are real Hilbert spaces equiped with the usual inner products
and the associated norms, we also introduce the closed subspaces of H!(2!) defined by

Vi = {VIGH{(Ql)d:VzoonFll},
Q = {0eH(Q):0=0inTt}.

Given that p(T'}) >0 and u(T%) > 0, the Korn and Friedrichs-Poincaré inequalities
are satisfied,

V

300>0 el 2 ColVllmyane W eV, M)

02> 0 [Vl > Collw! o, YW € Q. (2)

Moreover, by the Sobolev trace theorem the positive constants Cy and C'2 exist so that
V'l 2o Collv![lve, vv! e V', 3)

2l L2y < Coll2lllgr, Y2 € Q. (4)

VANV

We denote v, and v. as the normal and tangential components of v! on I''; where v, is
the perpendicular component and v is the parallel component, as described in Green’s
formulas in [4].

For a simpler notation, we use the following spaces:

V=VixVo, H=H'xH? H, =H xH? Q=@Q"'xQ~.

2.1 Subdifferential boundary conditions

In the mechanical problem (P), we will use contact laws expressed in terms of the subd-
ifferential x, € 9j(u,), in which &, represents an interface force, u, signifies the normal
displacement and 9j(u, ) represents the subdifferential in the sense of Clarke such that
j : R — Ris alocally Lipschitz function. The generalized (Clarke) directional derivative
of j at € R in the direction v € R is defined by
() = limsup 28T =W
y—x,Al0 A

The generalized subdifferential of j at z is a subset of R expressed as
dj(x)={CeR | j%z;v)>Cv YveR}

Some properties of the subdifferential for locally Lipschitz functions can be found in [11].

3 The Model and Assumptions on the Data

Let Q1 = 1,2, be a bounded domain in R¢ (d = 2,3) with the outer Lipschitz surface
I'', we define two thermo-viscoelastic bodies occupying €, their boundary is divided
into three open disjoint parts I'}, T, and I'; on one hand, and a partition of T} U T
into two open parts ' and T} on the other hand. We assume that u(I'}) > 0. Let
T > 0 and [0,T] be the time interval of interest. The two bodies are subjected to the
effect of body forces with specific density fp, a heat source of constant strength qih.
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The two bodies are clamped on I'! x (0,7, so the displacement field vanishes there. A
surface traction of density f} acts on I's x (0,T). Also, we suppose that the temperature
vanishes on (I‘ll U I‘IQ) x (0,T). Moreover, we suppose that the body forces and tractions
vary slowly in time, and therefore, the accelerations in the system may be neglected.
Neglecting the inertial terms in the equation of motion leads to a quasistatic approach to
the process. In the reference configuration, the two bodies can enter in contact along the
common part I'4 = ' = I's. The contact model is characterized by the sub-differential of
locally Lipschitz functions and the non linear boundary condition of thermal conductivity
modeling electric potential exchange between the bodies.

Problem 3.1 For [ = 1,2, find the displacement field u! : Q! x [0,T] — R?
and the temperature 6 : Q! x [0, 7] — R such that

al(t) = Al(e(ul(t)) + Ble(u'(t)) + / ' Gt — s)ul(s)ds — C'0'(t) in Q' x (0,T) (5)
0

0'(t) — divK! (V' (1)) = M (e(dl(t))) + b in Q' x (0,T) (6)
Divel(t) + fi(t) =0 in Q' x (0,7), (7)
ul(t) =0 on T} x (0,7), (8)
ot = fl on L x (0,7), (9)
oy(t) = 05(t) = 0u(t)  —ou(t) € julin(t)) onTsx (0,7),

(10)

or(t) = oi(t) = 0-(t)  —o-(t) € djr(u-(t)) onTsx(0,T),
up(t) +u2(t) =0 on T3 x (0,T) (11)
—K(VO(t))v € 0jg(0(t)) on T3 x(0,T), (12)
' =0 on (T';UTy) x (0,7), (13)
qt)t vt =h, onThx (0,T), (14)
ul(0) =uh, 6'0)=6, inQ (15)

Now, progress to the mechanical presentation of — and provide explanation of the
equations and the boundary conditions.

Equations and @ represent the thermo-viscoelastic with long-term memory con-
stitutive laws between two bodies, where A' is a given nonlinear operator, G' is the
relaxation operator, B! represents the elasticity operator and C' is the thermal operator,
the thermo-viscoelastic constitutive law includes temperature effects described by the
parabolic equation given by @, where M! is the thermal expansion tensor and K! is
the thermal conductivity tensor, equation is the equilibrium equation for the stress,
where Div denotes the divergence operator for tensors, then , @D, and are the
mechanical and thermal boundary conditions and indicates that there is no space be-
tween the two bodies, the equations (10| represent the normal stres and normal velocity
satisfying the non-monotone damped response condition and the friction law, in which
Jv, jr are locally Lipschitz functions and 0j,, 0j, denotes the generilized Clarke gradient
of the functions j, and j,, the relation represents the heat exchange between two
body, finally, denotes the initial displacement and the temperature conditions.
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3.1 Assumptions on the data

We will now enumerate the assumptions regarding the problem’s data.
The wiscosity operator Al : Q! x ST — S satisfies

(a) AlY(.,¢) is Lebesgue measurable on Q! for any ¢ € 9,

(b) There exists L 4 > 0 such that

| AL (x, 1) — Al(x,e2)|| < Lailer — ez for all e1,e5 € SY,

(¢)  There exists m_4 > 0 such that for all e1,e5 € S%,
(Al(x,e1) = Al(x,2)) - (1 — €2) 2 muarfler —e2]*  (ae)x € O,
(d) Al(z,0) =0 for all z € QL.

The elasticity operator Bl : Q! x S* — S? satisfies

(a) Bl(z,e) is Lebesgue measurable on w for all ¢ € S%,
(b) There exists Lz > 0 such that for all £1,¢5 € S,
1BUx, 21) — B, 22)]| < Lisller — 2ol (ae)x € )

(¢) Bi(x,0) =0 for all z € Q.

The relaxation function Gl Ql — RY satisfies

a) G'(x) is Lebesgue measurable on Q! for any x € R¢,
(a) g y
(b)  There exists Lg > 0 such that
G (x1) — G (x2)]| < Lgi||x1 — x2f| for all x1,x%2 € R4,

The function j, : T4 x R — R satisfies

(@) Jju(,r is Lebesgue measurable on % for all z € R,

(b)  Ju(a,.) is locally Lipschitz on R for all x € I,

(¢) there exist cgy,c1, = 0 such that for all r € R and « € I‘é we have
104, (x,7)| < cou + crur],

(d) there exists a;, > 0 such that for all r1,70 € R and = € I‘g, we have

JoU@,risre — 1) + §O(x, ros 1 — 12) < ap|r — 2%

The function j, : Ty x R? — R satisfies

(a) j-(.,&) is measurable on T} for all z € R,

(b) jr(z,.) is locally Lipschitz on RY for all z € T},

(c) there exist cg,,c1, > 0 such that for all » € Rand = € T, we have
| 9jr(z,7) I< cor +c1r [| € [r,

(d) there exists aj, > 0 such that for all £1,& € R and z € T, we have

I, &8 — &) + 52w, 06 — o) Sy || & — & |2

The function jg : I's x R — R satisfies

(a) je(.,7) is Lebesgue measurable on I'y for all x € R,
(b)  je(x,.) is locally Lipschitz on R? for all z € T'},

(c)  there exist cgg,c19 > 0 such that for all 7 € R and = € T}, we have

|06 (x,7)| < cos + cro|7],

(d)  there exists a;jg > 0 such that for all r1,r, € R and = € I's, we have

33, risre — 1) + g (@, re;m — ro) < aglr — ral?

175
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On the other hand, we need conditions for the thermal operator C!, the function M and
the thermal conductivity operatork!, see [6].

Now, we define the forces, tractions, volume and surface charges, as well as the initial
functions as follows:

foe LX) fye LATH)T hy e L2(QY)%
hL e AT k>0 wpeV 6 <€Q.

By utilizing Riesz’s representation theorem, we examine the elements f' € V! and h € Q'
defined by

2 2
(F,v)y = Z/ fhi@)vtde + Z/ fitwldr forallv € V
1=1 7 1=1 /%

2 2
h = Kb ()l Kt (#)eldx for all )
mda=3 [ mwedr S [ ocar forarecq

With the notations mentioned earlier and Green’s formulas, we can derive the variational
formulation of the mechanical problem (P) for all functions v' € V!, w! € Q' and a.e
t € (0,T) given as follows.

3.2 Problem Py

Find the displacement field u = (u!,u?) : [0,7] — V and the temperature § = (0',6?) :
[0,7] — Q such that

> (0" ®)e(v! =i () + /F (i (000 =, (6)) + 32 (i (D) 0 — (1)) da,

=1

Y

(F(t), v — (). (22)

> (él(t), M- Hl(t)>w + (K6 (1), VN = 6'(1))),,0 — (Me(ul (1), N = 6'(1)),,1 »

=1
+ / 8O N — 6'(t)) da > (h(t), A — 0(8))a, (23)
I's

u(O) = Uy, 9(0) = 90.

4 Existence and Uniqueness of a Solution

Let us consider that the following smallness conditions are satisfied:

aly > gy, +aj,) /()
O[;C Z Cgaje ,LL(F3)7 (24)
aj — cgajo\/uls) = LT/2.

Now, we present our result on existence and uniqueness.
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Theorem 4.1 Assume hypotheses (3.16)-(3.29) and are satisfied, then Problem
(Py ) has a unique solution (u,0) such that

uc L*0,7,V), 0¢cL*0,T,Q).

In the proof of Theorem (4.1)), we follow several steps, based on the results of hemi-
variational inequalities and fixed point arguments.

To prove the theorem, we consider the following the auxiliary problems for given
ne L*0,T,H),z € L*(0,T,Q).

4.1 Problem PV,
Find a displacement field u, = (u},u2) : [0,T] — V such that for all ¢ € [0,7T7], we have

; el — il (6))gu + /F (3D (0 = s 1)
+(J2 (e (£); 07 — e (8))da + (n(t), e(v — a(t)))v = (F(t),v — iy (t))y  (25)
Uy (0) = ug.

4.2 Problem PV

Find the temperature 6,. = (6}.,67.) : [0,7] — Q such that for all ¢ € [0,T] and all
A € Q, we have

D (G0N = 00w+ (KIVO,.(8), VN = 6,.(0))3 — (Me(uly(£), A = 6,,.(1))

+ [ 3500,2(0: N = 0,.(0)da > (0.2~ 0, (0 (20)

Lemma 4.1 Problem has a unique solution. Moreover, there exists a constant
¢ > 0 such that

T
Ity — gy [[5< C/O Im1(s) = ma(s) |3~ ds. (27)

In this context, (u,,) refers to the solution of problem associated with n;,4 =1 : 2.
Proof. [Proof (of Lemma [4.1))] To start the demonstration, let us begin with the
aspect of existence of solution of problem corresponding to n; with ¢ = 1,2 for the
estimate (27)). Let u,; be the solution of problem corresponding to
n; € L*(0,T;H) with i = 1,2, then, Vt € (0,T) and Vv € V, we write

S (Al (1)), (0! — i), (8))p + / (2t (8)); 0 — o (B)da (28)

=1
+ / (G2 it ()5 07 — o (B))cda + (11 (), €0 — iy (£)))

> (F(t), v =, (8))v
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D (Ale(i, (1)), (" — g, (8))) + /F (7 (Gt (£)); 0 — gy (t))dar (29)

1=1
+ /F (77 (nyr (8)); v7 = nyr ())da + (m2(t), (v — ty, (2)))v
3
> (F(t)7 U= ’0’772 (t)>V
Taking v = 1, in and v = 4, in , we sum up the obtained inequalities to derive

D (A = Ale (i, (1)), (uy, () = 1y, (£))) 20 (30)

=1

< (i (8) = ma(t), &, (8) = gy (8)))v + / T (G, (), Tt (8) — iy (t))da

s
+/F jg(unzu(t)aﬂml/(t) — Uy, (t))da +/F jg(umv'(t)’ Unyr () =ty 7 (t))da
3 3
+Aﬁwﬂm%w%wwmm
3
Then we combine the inequalities (16])-c, . d and ( . d to deduce

(car = cj(ey, +ay, )\ p(T8)) ||, (8) =ty () 15 (2(8) = m2(t), €y, ) — £(in, )

Remembering u,, (0) = u,,(0) = ug, we perform integration by parts on the preceding
inequality over (0, T) to discover

(o — lag, + ;)\ u(Th) / i () — il (s) |2 ds
saén%ﬁ>ua>w®+—/\ml m(s) | ds.  (31)

Thus, from the previous inequality, we conclude

T

(o= a3 1 uT)=0) [ il (=id () [ s < - [ Im(s)-m(s)|

V* ds.

Finally, we use the condition and the Cauchy inequality to get the desired estimation

27).

Lemma 4.2 Problem (@) has a unique solution. Moreover, there exists a constant
¢ > 0 such that

02 () = 020 (1) 155 C/o [m(s) = n2(s) 5= + || z1(s) = z2(s) I3+ ds. (32)

Here, 0y, ., and 0y, ., are the solutions of problem (26) for (n;,z), i =1,2.

Proof. [Proof (of Lemma [4.2)] For the estimation (32), let ,, ., (t) represent the
solution to problem associated with n;, z; € L2(0,T;H x Q) with i = 1,2, hence, for
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all t € (0,¢) and all A € Q, we find that

D (L ()N =0 () A+ (KO (), VN =6 (),

M, (£)), A — 6L (1) + / 900 L (N~ 0 (D)da,  (33)
> (A1), A~ Oy (1))

Z 7]2Z2 957222( ))?‘l + <Klv9£]222( ) v()\l - 057222 (t)»Ha

=1
—(Me(up, (8),\' = 6;,., (1) */F 38O, (0N = 0., (D)da,  (34)
> (h(t), A = b2, (1))

By setting A = 6,,.,(t) in and A\ = 6y, (t) in (34), we combine the two derived
inequalities

1 T
5 || 9771,2’1 - 07]2,22 ||(%@ + <alCl - cgaje M(F3) - Ac ) /0 || 977121 (S) - 07}222 (3) ||(2Q ds,

<e / (I thn, (5) — 1y (5) [12.) ds.

Finally, we conclude that the estimation (32)) is verified.
To complete the proof of Theorem (4.1), we consider the following operator:

A L0, T;H x Q) — L*(0,T;H x Q)

A(n, 2) = (A1(n, 2), (35)
where Ay are given for all n,z € L2(0,T;H x Q*) and t € (0,T) by

(A, 2), ¢ (0)) = o+ [ G- o onas e 0. w), @9
where u,, and 0, . are, respectively, the solutions of problems and .
We have the following result.

Lemma 4.3 (1) The operator A defined by has a unique fized point.
(2) If uyand uy are two solutions of and corresponding to (n1, z1) and (2, z2),
then there exists ¢ > 0 such that, for t € (0,T),

o (8) — a2 () [lv < el () —n2(®)llv + [[ar(t) —uz()]]). (37)
Proof. [Proof | of Lemma ] Consider (n1,21) and (na,22) € L*(0,T;H x Q),
from the definition of A, we get
1A (1, 21) (8) — A2, 22) (8) 13 g
= [ A1(n, 21)(8) — Aa(n2, 22) ()1 Fge + [A2(n1, 21)(8) — Aa (2, 22) (1) 3 - -
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Using the relations —b and the condition in [6], also u;(t) = fOT u;(s)ds +up(t),Vt €
(0,T), we have

T
s (t) — us(t)ly < / i (s) — o (5) v

and using this inequality in , Gronwall’s inequality, and applying the previous lem-
mas, we deduce that there exists a constant C' > 0 such that

T
A1, 20)(8) — A2, 22) ()50 < C/o 11, m2) = (21, 22) [ xg- ds.

Finally, the operator A has a unique fixed point.

Now, let (n*,2*) € L?((0,T), H! x Q*) be the unique solution of the operator A (fixed
point for the operator), to demonstrate the solution of theorem 7 we considered u =
u,- and 0 = 6, .- as the solutions to problems ([25) and , respectively. Furthermore,
the uniqueness of the fixed-point operator defined in and implies the uniqueness
aspect of the theorem.

5 Numerical Analysis of Problem (P)

Numerical approaches are essential for approximating solutions in practical applications
due to the complexity of the challenges at hand. In this work, we primarily examine
fully discrete approximation systems, in which the temporal and spatial variables are
discretized. The spatial domain is discretized using the finite element method, and the
time derivatives are discretized using finite differences. We establish the existence and
uniqueness of each numerical scheme’s solution and derive optimal order error estimates
for the continuous problem’s solution under specific regularity assumptions.

In this section, we present a fully discrete approach for Problem (Py ), we use the
finite-difference method to approximate the derivative of function. We consider the
uniform partition :0 < tp < t; < --- <ty =T of (0,T) with a time step-size k = T/N +1
and for each continuous function v, we denote
Up — Un—1

k

Moreover, we apply the finite element method for the spatial discretization. Let € be the
polygonal domain, then we consider a regular family of partitions (77) of Q into triangles
that are compatible with the partition of the boundary 002 into I' = I'; UT's UT's and
I'nuTl',=I'y UT',. Here, h > 0 denotes the discretization parameter, and ¢ denotes a
generic positive constant which does not depend on the discretization parameters h and
k. To approximate the spaces V., W and @, respectively, we introduce the following linear
finite element spaces corresponding to Th:

Vh={vh e C(Q)|v|’} for T € P1(T),v" =0 on T}

V(tyn) = vp ov, =

Q" ={0" e C(V)|0]y; for T € P(T),0" =0 on T}
We introduce the following piecewise constant finite element space for the stress field:
H = {rh e 7—[|T|hT for T € R4 for T € T"}.
Let ul* = ul € V" and 0% = 0} € Q" be appropriate approximations of the initial

conditions ug, f, respectively, such that ||ug — ul|| < ch and ||fp — %] < ch. Hence, the
discrete scheme for Problem (Py ) is given as follows.
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5.1 Problem Phk

Find a dlsplacement {ulFyN_ VP a temperature {#"F}N_ . c Q" such that for n =
0,1,---, N, we have

Mm

(Ale(w®), e(vh — wh*))y + <BZE( By —Clomk e(ul — whk)> +

=1
T
(1 — syt ds. (ol — wh) ) + [ (@2(ulkiol, — ulh) + 2whki ot — wl) ds
0 T
+ ]l/ un’ Vyn — wl}/ﬂnc) +‘72(w7}—”ncv Uffi - wﬁs)) ds 2 <Fn7vz - wzk> VUZ € Vh
I

(38)
(803%, X = 00°)), + (KVORE V(XL = 075)),, — (MPe((u™) (1)), ()" = (035)' (1)

M

4 / JOOE(E); (V) — (015 () da > (ho, Ao — OF()) Vol € WP,

(39)

Here, the sequences {u*}]_ and {w!*}N_, are related by the following equalities:

n
wh = gul* and  ul + kafkn =1,..V.
j=0
From assumptions — , using the same arguments as for Problem (Pv), we conclude

that Problem PEF has a unique solution (u**, 0hF) c V. x Q". It will be derived using
the Céa inequalities for error estimations.

Theorem 5.1 Assume that the conditions in Theorem E1] still hold. Consider
(u!,0') as the approvimate solution to Problem Py and (ul* 0'F) as the solution to

’rL rn

Problem ’P"}k. Then forn=1,..., N, the following error estimate holds:

_ . hk . hk
s ([t = b+, — i)

N
l h l h 11 h 11 h
< Clglnang (Hwn - ’Un”%/ + Hwn - vnH%2(F3)> + CZHGn - An||2Q + Hen - >‘n||L2(F3)

n=1

+CZ 185, =A%) + (Ona = Xaga |+ C (160 — 051G + 162 = AL[G + c(h® + £2)) .

Proof. [Proof (of Theorem [5.1))] First, the following equality holds:

> A = Ale(wp?), e(wn — wi*))n

2
=1

= (Al — Ale(wl*Y, e(wn — vP))3 + (Ale(wn), e(0! — w,))2

=1
(Ale(wn), e(wn — wy®))ae + (A'e(wp®), e(wy®) — e(v))n. (40)
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Furthermore, by taking ¢+ = ¢, and v = w"* in the inequality , we combine the
equality with hypothesis to derive

aillwn —wik|fF <D (Ae(wn) = Ale(wi®), e(wn — vp))a + (A'e(wn), (0] —wa))n
=1
H{Fwn — vy + (B (e(un)), e(w)® — wn))a + (B (e(up?)), e(v)y — w)iF))a

/ Gt — s)upds, e(wh* — w,) H—i—/ Gl(t — s)ulFds, e(v]! — wl*))y
—(COn, e(wp —wn))p — (C1ORF, (v — ™))
+/ jg(an;whk an)+JV( nu?UZV_le]j)da

s

+/ jg(wm—;whk Wy ) +JT( Zﬁvvﬁu - U}Zzlj)ds
I's

We start with the integration factor for all n =1, ..., N, using the results in , we have

([ 0t = sputas,etel — wh ()
/ Gl( t—sunds—/ Gl(t hkds ,e(w hk—wn)h{
< ck® +ck Z |l — w3,
n=0
Next, we use the hypotheses — b, — b, —d, — d, and @ to find

aullw, —wnt I < Lallwy, = wp vllw, — vnllv
+ L ([Jun — uthv)(Hwn — Wity + wy, = vplv)
+81(un, 0n) + L (Wi wi, o) + Lt 105, = 0 la(lwy, — wi® v

Hlwy, = vnllv) + c§v/u(Ts) (e, +ag,) wy, — wnt|IF,

where S; and I; are given by

S1(un, On) = <~’45(wn),5(v2 —wy))n + <B(€(un),€(vﬁ — Wn))n
—<09m€(vz - wn)>7‘l + <Fn7wn - ’UZ>V

Bl wnol) = [l wada+ [ 2lkied - w,,)da.
s T

We further assume that j,(z,.) and j,(z,.) are c-locally Lipschtiz on R and R™, respec-
tively for (a.e.) x € I's, where the Lipschitiz constant ¢ > 0 is independent of . Hence,

we have

-71/( o Uh - wnl/) < c||wn - ’UZ”Lz(Fs) and .77-( TLT”UZ wm/) < ||w71 - UZ||L2(F3)‘

’I’Ll/ ’ nv

Then it should be concluded that

L (Wi, w, v)) < cllwn — vl L2 (ry)-
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Next, we multiply by an arbitrary element v € V', and then we conclude
S1(un, ) = / av.(v)y — wn)da < cllof|[wn —vpllzry) < ellwn = vnllz2(rg)-
s

Additionally, use the Cauchy inequality so that for € > 0, we deduce
(e = cgv/u(Ts)(ay, + aj,) = 5e)Jwy, — wp™|[§
< c(llwp, — vl + llug, — ug®lIF + 116, = 03518 + llwy, — opllzz(rs))-

Moreover, using results in [10], we have

tn — il < e(h® + k%) +ck Y flws — w3
i=1
We combine 7 so that

lwn — w15

< C (Ilwn = v ll§ + 1105 — 02°13 + llwn — vpllz2(ry))

+e(h® +K2) + ck Y | Jlwi — w3

=1

183

Then, by applying the Gronwall inequality in and combining with , we get a

positive constant ¢ > 0 such that
lwn = wRFIIG 4 un — un® |5 < e(llwn — ol
n
0 = O2FI1R + llwn — vl L2(r)) + ¢(B + 52) + ck Y [[wi — w}*|[3.
i=1
For simplification, let us consider

= [lwp, — WIS + g, — un® %

gn = llwn, = opll% + 1105 = 051G lwn — villLaqea) + A2 + K.

There exists a positive constant ¢ > 0 such that (e, < cgn +¢>°7_ ;) with ¢ > 0.

Therefore, we use the assumption for K! in [6] to get

2
> a0, = 0741
=1

2
Z K'N0,, — VO N (0, — M) + (KIV0,, VA" — 0,,)) 3
=

+ (K00, V(00 = 037)) 3+ (KIVORE V(01 — A7) )0

Taking t = t,, and A\ = 0% in the inequality (3.32) , we use (39) to get

[ V)

2
D KIVORE, VO = Ni))ae < D (8005 A = 01F ) g — (Me(u?), A — 67F) 50
=1

HEVR XL = 0F) s+ [ G360 N = 615 da + (034 — Mo
I's
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Now, we deduce the following estimation:

2
> axallgh, — 0311 + (66), — 361,65, — 67F) < e(ll6, — AR
=1 =1

g, = upfl5) + (3605 — 665, Xy — 65) 300 + Sa(uiy, 0,,) + L2(6,7, 6, \%), - (46)
where the quantities Sy and I are given by the expressions below:

So(ul, 04) = (0L, A — 01 ) g0+ (IK'VOL, V(N — 0L)) 50 — (Mle(ul), N2 —6L) 50

+ (B, Oy, = A2 )3
and

(6 04N = [ (65X~ 6,)da.
s
Then, by the same method as for , we can deduce that
S (1t 00) < |0 — M 2(ry. (47)

We have that jg(z,) is locally Lipschitz on R for (a.e) x € I's for the positive Lipschitz
constant ¢ > 0 independent of x. Then we have

12(92k7 9717 AZ) < CHen - )‘Z”LZ(Fs)a (48)
we use the inequalities (46)),([47) and and the formula
2(a —b,a) = la—b|* + [[a]* — [[b]?

such that a = 6,, — 0"F and b= 0,,_; — 0" | we get
1
o7 (100 = 025 1G = 1001 — 0221 113) < (00 — 865", 0 — 031 (49)
Then, by , and replacing n by j in the above relation, summing up from j =1 to n,
we deduce the following majoration:

7 'n

2k Y (807% — 605, Xy — 6;)3 < cl|6n — 253 + (160 — NF (1T + (160 — 65
=0
k n—1 9 n—1
+cl|6r — A3 + 5 D16, —07F1E + Z D 1O =2) = (B541 = A llz2o)-
=1 =1
For simplification, we note e,, = [0}, — O1%[[3, + 2k Y27, [|6; — 03|, and

gn =k {1165 = X3 + lluy — ¥ % + ey — M I1G + 1165 = X llzzqra)}
j=1

n—1
1
+ D N0 =N = (0551 = M)l a2y + 160 = 65113 + 1161 = ATIIZ + 105 — A2IIZ.
j=1
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Then there exists a positive constant ¢ > 0 such that e, < cg, + cz e;j. We use the
Gronwall inequality and the estimations ) to deduce

hik hik hk
lwn = wit 5 + llun — un®I5 + 165 — 67, ||%g

< C (Jlwn = vyl + lwn = vpllz2(ry)) Z 185 = AZIIE + 165 = Al zars))

n—1

n
Y 1B = A = O = M) T2y + Y (lws — wl 15 + llwy — w5+ 116; — 65*113)
- pt

+ 1160 — 05113 + 1162 — 7113, + c(h? + k).
(50)
Now let us consider the following quantities:

en = llwn — wiF|IF + lun — wi*II5 + 116, — 07%(13
n
n = |[wn — V|1 + lwn — UZHL?(Fs) + Z(Hej - )\?”é +10; — /\;'LHLZ(FP,))
j=1

+ D 105 = X)) = Bir = Al ) e + 160 — 6513 + 1161 — 671 + h® + &2,

Then we consider the inequality , by applying the Gronwall inequality, we have
[y — wn I3 + lluf, — il + 1160 — 027113

c(l[wh, = vR % + llwn = vl z2rg) + D (165 = MG + 116; = Nl z2(rs))
j=1

+ 31085 = X)) = (Bj1 = Ny )12y + 160 — 313 + 1162 — O1I3) + c(h® + &2).
(51)

Finally, we use to derive the estimation of Theorem

6 Concluding Remarks

This paper has explored a contact problem concerning thermo-viscoelastic materials with
memory effects over time. We developed a variational formulation for the model and es-
tablished the existence and uniqueness of a weak solution. Furthermore, an error analysis
was conducted, highlighting the discrepancy between the weak solution and its numerical
approximation, which underpins the reliability of the numerical methods employed. The
validity of the theoretical results was confirmed through numerical simulation, showcas-
ing the practicality of the proposed approach. Future research will focus on refining the
model to accommodate more complex boundary conditions and on investigating further
applications in industrial contexts. In conclusion, the presented model provides a ro-
bust framework for analyzing contact problems in thermo-viscoelastic materials, offering
potential benefits in various engineering domains.
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1 Introduction

In 1984, researchers discovered the primary causative viral agent of AIDS, called the
human immunodeficiency virus type 1 (HIV-1). HIV-1 belongs to the family of retro-
viruses, whose genetic material is RNA. HIV-1 is transmitted by direct inoculation during
unsafe sexual contact, transfusion of contaminated blood or blood products, sharing of
contaminated needles [2H4].

There are two ways in which viruses move between cells, which are known as cell-free
and cell-to-cell infections. In order to eradicate the virus, antiretroviral drug therapy
(ART) involves the simultaneous administration of two or more antiviral drugs [518].

Recently, some clinical studies conducted in vivo showed that infections originating
from cell-to-free virus decrease strongly in the presence of certain antiretrovirals, whereas
infections involving cell-to-cell spread are markedly less sensitive to the drugs. Different
mathematical models have been used to study the dynamics of HIV infection including
these two transmission pathways [8].

In a previous paper, Kouche et al. [1] proposed the following model:

%f) = A+ pT(t) — aQ(t) — ueQ(1),
%t) = aQ(t) = (1L =T (OVi(t) = pT(1) — prT (1),
0 (1)

: dat (L= T@)Vi(t) — pr-T*(t),
dgt(t) — W T (t) — pyVi(),

which incorporated a class called quiescent cells (), which are a class of CD4™ cells of
the immune system that cannot be infected by the virus. In this model, it was assumed
that the immune system maintains activated the quiescent cells at a rate a and returns
to the quiescent state at a rate p.

In this paper, our aim is to highlight the combined transmission effect of both cell-
free and cell-to-cell virus spreadings through a new model derived from model and
including reverse transcriptase inhibitors (RTI) for both transmission pathways. We
assume that the transmission spreads from infected cells and free virus to only activated
cells through direct contact. Denote by @ the compartment of quiescent cells, T are the
healthy activated cells, T are the infected cells, V; is the free infectious virus and Vi
is the non infectious virus. Then the model we propose is

%@) = A+ 0T (1) — aQ(t) — noQ(t),

dﬂ?) — aQ(t) — (1 = )T Vi(t) — (1 — 1) BT(HT*(t) — pT(t) — prT(t),
dTT’;m = (L= mTO)Vi(t) + (1= ) BT(OT*(t) — p-T*(8), ¥
d‘zt(t) = wpp-mT*(t) — py Vi (1),

%é(t) = (I = wpreaT*(t) — py Vi (1),

where ¢ > 0 is the time. A is the rate at which new quiescent cells are produced.
The death rates of quiescent cells, healthy cells, infected cells and virus are denoted
by pq, pr, -, v, respectively. As in model , we denote by a the activation rate
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of Q cells and by p the rate of reversion to the quiescent state. 5 denotes the rate of
transmission of the infection by cell-to-cell mode. 7 is the number of virions produced
per one infected cell.

From a mathematical point of view, the use of RTIs will reduce the force of trans-
mission of infection via cell-free and cell-to-cell channels through the parameters 7; and
12 which represent the drug effectiveness for both cell-free and cell-to-cell infections,
respectively.

In Section 2, we compute the basic reproduction number Ry of model and we
find that Ry is the sum of the basic reproduction number Ry, determined by cell-free
virus infection and that determined by cell-to-cell infection Rys. Further, the local and
global stability analysis of both free and endemic steady states is given in terms of Rj.
In Section 3, we introduce a delay 7 in model , which represents the incubation period
of the infection. We give the local and global stability analysis of the delay model for
both free and endemic steady states. In Section 4, we give some numerical simulations
and determine the region of eradication of the infection with respect to the effectiveness
of the RTIs drugs. Our simulation results demonstrate that the delay has no effect on
the quiescent cells Q but reduces the peak of the viral load and expands the eradication
region of the infection. Further, we find that the cell-to-cell infection is less sensitive
to RTI drugs than the cell-free one, which allows us to think that cell-to-cell spread
is probably an important factor which leads to therapy failure and contributes to the
persistence of the viral load. Finally, we end the paper by a conclusion.

2 The ODE Model

2.1 Local stability of equilibria

Since the four first equations in system do not depend on the last equation, the system
can be reduced to the following one:

dQ(t) =X+ pT(t) — aQ(t) — uoQ(t),

=00 — (1= mnTOVI() — S T (0 = pTO =T,
) (1 )y TOVI®) + B~ m)TOT*(0) — T 1),

= qu*ﬂT*(t) — /va](t).

We can see that system has one free steady state Ey = (Qq,Tp,0,0) given by

Alp+ pr) oA
Qo = , To= :
apr + ppQ + HQHT apr + pp + HQHT

First, we compute the basic reproduction number Ry of model by using the method
of the next-generation matrix [9). Therefore

Ry = Ro1 + Roo,

where Ry, = LZ”WTO and Rgo = /3(1*7;7*2)% are the basic reproduction numbers
corresponding to virus-to-cell infection and cell-to-cell transmission, respectively.
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Clearly, if Ry > 1, then system has one positive endemic equilibrium

E = (Q,T,T*,V;) with

A1 = m) ywrpr + B(1—n2)py) + ppy pr-

@:
(a4 pq) (L —m) ywrpr- + B(1 —n2)pv)
T — Hv T
(L= m) ywrpr- + f)’(ll —2)1v) \ ,
_ (8% JE— QAAWTT
TF=— """ (1-=), Vi=—"  (1-—).
pr= (o + pQ) Ry v (a+ o) ( R0>

The characteristic equation of system around (Q,T,T*, V) is given by

P(Q)= ((+a+pug)[(C+ 1 —=m)yVi+ B —n)T* +p+ pr)
x{(¢ = B —=nm2)T + pr=) (¢ + pv) — wrpr= (1 —n1)yT'}
+B(L = n2)T (¢ + pv) (1 =) YV + B(1 —n2)T™) (4)
Fwrpgs (1 —m)yT (1 =) YV + B(1 —n2)T™)]
—ap{(¢—B(L —=n)T + pr-) (C+ pv) — wrpr- (1 —m)yT}.

Theorem 2.1
(i) If Ry < 1, then the free equilibrium Eqy is locally asymptotically stable.
(ii) If Ry > 1, then Ey is unstable.

Proof. The characteristic polynomial P (¢) at Ey = (Qo, T0,0,0) takes the form

P Q) ={C + (a+pg + p+ pr) ¢ + apr + puq + poir}
x {<2+MT* <;‘V +1M>C+uvuw <1Ro>}. )

T+ =

B —n2)To
HT*
two polynomials are positive, and by the Routh-Hurwitz theorem, we conclude that all
roots of have negative real parts. Hence Ej is locally asymptotically stable.

If Ry > 1, since

If Ry < 1, we have (1 - > (1= Rp) > 0. Then all the coefficients of the

P(0) = pvpr- (e + po)pr + pug) (1 — Ro) <0,

further P (¢) — 400 as ( — 400, by continuity, we conclude that P has at least one
positive real root. Thus Ey is unstable. We now turn to prove the local stability of the
endemic equilibrium F.

Theorem 2.2 Assume that
(1 —=m)ywrpr- + B —n2)pyv > Bur-.

Then if Ry > 1, the endemic equilibrium E = (@, T,T*771) 18 locally asymptotically
stable.

Proof. The characteristic polynomial P ({) at E = (@, T, T*,vj) has the form

P(CQ) = ¢+ a1® + ao(® + az( + au,
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where
[ alwr (1 — « +alB(1 —
a; = a+uQ+p+uT+< m (1 —m)yur A( 772)#1/) y
: ) prspy (e + Q)
Il a%
][ )
A ARO (1 ) KT ,U/V)\ﬂ(l(]_ — 371) YWT T = —‘Eﬁ(l — 772)/1“/
adwr (1 — -+« —
az = M) YHr n2) v L— — | tur(a+pg)+ qu}
My e+ Ry
Hr= v
+ e+ v — B =2 }
( ) (1)\7 7711) YWT T+ + ﬂ(l ; 7]21)/1,‘/
QAAWT — « + —
x |+ g +p+ pr + (1 —m)vpr B( ng)uv>
pre v (@ + pQ)
X

L L)eetiom Ly
(1 RO) - (o + Q) ! Ry)]’
as = [MT* +py — B(1—n2) Al

(1 —m) ywrpr + B(1 = n2)pyv

adwr (1 — « +aAf(1l — 1
y K (L m)ypr- + 0Bl () LN ) +qu]
K1y Ry

+ KO‘AW (1 —=m) ypr~ 4+ aAB(1 — m2)py + a?AB(1 — 1) + aAB(1 — nz)ucz) x

(a+pq)
(o) :

ag = (@dwm (1 —m)ypr- +arB(l —n2)puv) (1 - 1;()) .

We prove that
A; >0, 1=1,2,3,4,

where
2
Ay =a1,Ay = ajaz — a3, Az = a3y — ayas, Ay = a4Az.

Thus, by the Routh-Hurwicz theorem, E is locally asymptotically stable.

2.2 Global dynamics of the model

In this section, we focus our attention on the global stability of both free and endemic
steady states of system . We first prove the existence of a compact absorbing set for
system . Define the set

A AW i+
¢ {(Q’T’T*’Vﬁ ERL: Q+T+T" < 2andV; < WWT}
K Hv

where = min (uq, pr, pir-) -

Proposition 2.1 For any positive solution (Q (t), T (t),T* (t), Vi (t)) of system (3,
we have

)\ A *
(i) limsup F (t) < =, limsup V (t) < AT

, where F (1) =Q (t) +T (t) +T* (t).
o s s (1) = Q1) +T (1) +T* (1
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(i) ltlgl_ﬁglon (t) > my, ltlgn inf T (t) > ma, where

+oo

A a

(a+ o) ((1 )

a+pg’ AWT g

3 .
++p+,UT)
I

We now turn to prove the global stability of the free steady state Ej.

Theorem 2.3 If Ry < 1, then the free steady state Eqy is globally asymptotically
stable.

Proof. We first prove that the set

B = {(¢71/)7975) GRiifﬁﬁQoﬂl)STo}

is positively invariant for the system (3). Let (Q(t),T(t),T*(t),Vi(t)) be a positive
solution of system . As we have

d
9 A4 T —aQ - 1@,

— < —pT — prT.
di <aQ—p 2y

Define the linear cooperative system

dQ = ~
E = A+ T — aQ — pqQ, ()
dr ~ ~ ~
. =aQ - pT — prT.
o a@ — pT' — pr
By the comparison principle, we have

Q) <Q(t), T)<T() (7)

for all ¢ > 0. Further, since @ is cooperative, it follows that Q (t) < Qp and T(t) <Tp
for all solution (Q,T) of system @ such that Q(0) < Qo and T'(0) < Tp. By inequality
(7), we conclude that

Q) <Qu, T(t)<Tp

for all ¢ > 0 such that Q(0) < Qg and T'(0) < Tj. Define now the function

(1—m)y
122%

w(t)=T"+ ToVr.

Since Ry < 1, the derivative of w along the trajectories of gives

dw wm (1 — .

o (1 =) YTVi 4+ B(1 — ) TT* — pp=T* (t) + ( M7‘7/1) YHT
—(L=m)"To Vi

< /6(1 — ’172)TOT* — UT*T* (t) +

= g (Ry—1)T* <0,

ToT*

wr (1 —m)
124%

BT o e
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w is then a Lyapunov function on B. Define now the following set:

Ez{wwﬁaeBzﬁﬂ¢ma@=@,

and denote by M the largest set in F which is invariant with respect to system .
It is clear that (Qo,7s,0,0) € M, and thus M is not empty. Let (¢,v,0,£) € M and
denote by (Q (t),T (i, T*(t), Vi (t)) the corresponding solution. By the invariance of

d
M, d—f =0, and by GE) T* (t) = 0 for all ¢ > 0. The fourth equation of (3) implies then
that V7 (t) — 0 as t — 400 and hence Q (t) — Qo, T (t) — Ty as t — +o0o0. Now, by
the invariance of M, Q (t) = Qo, T (t) = Tp. Therefore, M = {Ep}. Finally, since Ey
is locally asymptotically stable, the LaSalle invariance principle |10] implies that Ey is

globally asymptotically stable. To prove the global stability of the endemic steady state
E, we use the method of the Lyapunov function. To this end, we define

A = aQ(L> 0, o
= — — aA
B = pTQ - pmgg —amy — puprme + B(1 — )M T + pupT + ———+
my Qo (a+ pq)

+a)\w7r (1—m) 'yTQ
mapy (@ + pQ)

co— _ a\ ou\mr(l—m)fyT <0.

(a+pg)  mapy (a+pqQ)

)

Theorem 2.4 Assume that Ry > 1. Then E = (@, T,T*,v]) is globally asymptoti-
cally stable if

— VB2 —4AC < p < —B+B? _4AC
24 =0 = 24 '

Proof. Define the Lyapunov function as

L= (Q—Q—ng>+<T—T—Tm§>
+<T*—T* T L )+(1_"1)7T<V,—V,—V,1nvf).
134% Vi

It follows from system that

N AN ) TN, Q=) (VI
P a(-g)er (i) ) 01y, (1)
AT —aQ- MQ@( ) (= ) ATVy — B(1 — )T
—pT — prT) ;) + (L =m) TV + B(1 = n2)TT* — pr-T™)
Y

T~ (1—m)v= Vi
1—— )+ ——=2"17 ol — V 1-—=
( T*) wy (w'uTﬂ— Hv I) 1%}

as . .
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N—VVI, and

Sl
|

since F is a steady state of system and pup-T* =
[y por=
(1 = n)ywmpr- + pv B

, we obtain from the precedent equation that

L = w+qu(lgf+aQ(2TT)

T T

(1 —m) ywrpp- ) —

+ 1) T+ (1= TV,
((1 —m) ywrprs + py B(1—n2) liT (L =m)yIVi

(3 TV,T* T*V; T>+ T@ Q (10)

e e N S X _ X
v v, 1) oo

—aQ+aQz — prT + (1 —m)TT" + prT = B(L = ) TT* + pr-T*
21 =)y TVi+ Q=) VTV %.

As
T T TV T* *
, T Ty g TV T T,
T T TV,T* T*V; T
we obtain
. _ 0 @ T T T
L < pT'=—-pT'=—aQ+ aQ= —purT + (1 —n2)TT* + purT
Q Q T ( ) (11)

— — S __T
=B =) TT* + pr- 1% = 2(1 =) yIVi + (1 = m) YT Vi .
Let € > 0 be chosen later. Proposition [2.1| implies that there is T, > 0 such that

mi=m; —e< Q) <Qo+e=Qf,
ms =mg—e<T(t) <Ty+e=Tg, (12)
T*(t) < My +e= M, t>T..

By and , we obtain
_ _ e
Lyt — amf +aQh 2 — prms

1 0 (13)

o _ 1 o
B = m) MT + pr T + pp- T + — (L =) 7T V7.
2

L<pT

T, (=) adwry— 1
Since % = Ry and (1 —m)~yTVr = MT (1 - > , we can derive from

pv (@ + pq) Ro
that
. *Q € @ € € € € e
L < meE—pmg — —amj +aQf Ro+? — prms + (1 —n2) BMT
1 0

_ _ T2
+un T+ a (1 1 )+ adwr (1 —m)~yT (1 1 )

(@+pe) \  Ro)  mspv (a+pq) "~ Ro
< g [aQino (Ro+ 5 ) + (T2 = pms - = ams = prms + (1 = ) BMT
° T m§ Q5

T+ al n adwr (1 — nl)'yTQ) - ad  adwr (1—m)yT?

(a+pe) mspuy (@ + pq) a+ pq) mspv (@ + pe)
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By the hypothesis of Theorem we have AR%Z + BRy + C < 0. Then we can choose
€ > 0 small enough so that

L<o0
for t > T.. Further, by , L= 0 if and only if @ = QT =T,T*=T* V; =V, the
LaSalle invariance principle [10] implies that E is globally asymptotically stable.

3 The Delay Model

To take into account the incubation period of the infection, we modify, in this section,
the model by introducing a discrete delay 7 by assuming that cells become infected
T times after initial infection. To this end, we propose the following system:

B Aol (1)~ 0@ (1)~ naQ (1),
T 6@~ (L= m)AT (W) Vi (1)~ 60— )T ()T (1)~ T (1) — T (1)
T = emmm (L) (1) Vi =) 4 B0 )T (=) T 1)
_MT*T* (t) )
WO per () — Vi (1)
(14)
with the initial conditions

Vi(0) =¢a(0), 0€l-70],

where ¢; € C ([-7,0],Ry) with ¢; (0) > 0, i = 1,2, 3, 4. It is well known by the theory of
functional differential equations [11] that system — has a unique positive solution
(Q(t), T(t), T*(t), Vi(t)) defined for all ¢ > 0. As in the ODE model, it is easy to see that
system has one free steady state Ey = (Qo, 7o, 0,0),

Alp + pr) A
Qo = , Ty = )
apr + pp + HQHT apr + pp + HQHT

The basic reproduction number is then given by (see [12])

1— —Tm « (1 — —mT
Ry = B0 = m)pve ™ + wrpr- (1= m) e ™ (16)
K= v

If Ry > 1, system has the endemic steady state E = (@7 T, T*, 7[) given by

A(wrpgs (1 —m)ye ™ + B(1 — na)uve™™™) + pur=pv
(o + pq) (wrprs (1 —mi)ve™™™ + B(1 — n2)uve=m)
_ Hr=pv
B W= (1 - 771) yeT T + ﬂ(l — ng)uve_Tm’ (17)

T ale” (1_1>7 V- alwre” (1_1)-
pr (o + pQ) Ry pv (o + pg) Ry

Ql
[

N



196 MERIEM LAMRAOUI, BILAL BOULFOUL AND MAHIEDDINE KOUCHE

3.1 Local stability of equilibria
3.1.1 Local stability of the free equilibrium
The characteristic equation of system around F = (Q,T,T*,V7) is

PC) = [(C+a+pe)C+ @ —n)yWVi+B(1—n)T" +p+pur) — ap)
X [(¢ =B =n2)Te™™e™T + pp-) (C+ pv) — wrpr- (1 —m)yTe e 7]
+(C+ atp) {BL—m)T (1 —m)yVie ™ e + B(1 —na)T e e ™<7)
(¢ + pv) +wmprs (L=m)yT (1= m)yVie ™ e + B(1 —m2)T e ™"e 7) }.
(18)

Theorem 3.1 1. If Ry < 1, the free steady state Ey is locally asymptotically stable
for all T > 0.
2. If Ry > 1, Ey is unstable for all T > 0.

Proof. At Ey = (Qo,T0,0,0), the characteristic equation takes the form

PE) = [+ (a+pg+p+ur)¢+aur + pug + popr] X
(¢ =B —n2)Toe"™™e " + pr+) (¢ + pv) — wrpr- (1 —m)yToe "me 7]
= 0.

All the coefficients of the polynomial

C+ (a4 pg + p+ pr) ¢+ apr + pug + popur =0 (19)

are positive, then by the Routh-Hurwitz theorem, we conclude that the equation
has two roots with negative real parts. The other roots are determined by the solutions
of the quadratic polynomial

1- Toe™ ™
2 4 g (Mv 11— BQA —m2)puvTh o—CT

) ¢+ prepy (1— Roe™<7) = 0. (20)
M K+ v

Substituting 7 = 0 into equation , we obtain

1- T,
2+ e (/w+1_6( n2) v To

>C+MT*MV(1—RO) = 0. (21)
i+ fir- fiv

If Ry < 1, all the coefficients of equation are positive. Then equation has two
roots with negative real parts.
In the case 7 > 0, assume that the equation has two purely imaginary roots
¢ =iz (1) (x> 0). Separating real and imaginary parts yields
2B(1 — no)Toe ™ sin (x (7) 7) + pr=-py Ro cos (z (1) ) = pypr- — 22,
xB(1 —n2)Toe” " cos (x (7)) — pr=pv Rosin (z (7) 7) = (v + pr=) T

Squaring and adding the two equations give

2 1— The~Tm 2
$4+M2T* (52\/ +1— <ﬁ( n2) v Toe ) )$2+(MVMT*)2 (1—R8) —0. (22)

T* Ky P
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Tm

If Ry <1, then 1 — <W+{Oe_)2 > (1 — Rg) > (, so equation cannot have
positive roots and equation cannot have a purely imaginary root. By the general
theory of delay differential equations, all roots of have negative real parts provided
that Ry < 1 and Ej is locally asymptotically stable for 7 > 0.

It Ry > 1, let f(O) = ¢ + (uv+pr —B1—m)Toe e )¢ +
pr+pv (1= Roe™¢T) . Since f(0) = pp-py (1 — Rg) < 0 and f(¢) — +oo as ( — +oo,
by continuity, we conclude that f (¢) = 0 has at least one positive real root. Thus Ejy is
unstable.

3.1.2 Local stability of the endemic equilibrium

We now turn to prove the local stability of the endemic steady state E. At E, the
characteristic equation of system is reduced to the following form:

P(O)+Q(Qe " =0, (23)
where
P(Q)=¢ +a3C®+ax®+arC+ap, Q) =bsC® +b2(®*+b1C+bo  (24)
with
a3 = Qg+ ptpr + e + py + St e (7 L)
ap = eMenlomr Bomile ™ (4 LY 4 (a+ )i + piiq + - v
+ (ot pg + p+ pp + MemUmbir 00 )T (1 L) (i + ),
ar = (@MemlomhuesBiommle 70 (1 - 1) 4 (a+ pdur + piig ) (ur- + pv)

a(wr(1— * — e T™M
+ (@ + g + p+ pr) e p + STz S )y) (1 - R%) :

ag = aX(wr (1 —m)ypur- + B —n2)pv)e™ ™ (1 - 4

+ ((a + po)pr + puq) pr- v,

b = — BA=n2)pr=pyv
3 WTf(l—nl)’Y/t(T*_i_-i-ﬁ(j_—iﬂM)VB’(l )
— _ _ \arpQrprTHT —N2)HT* LV
by = pr=pv wr(I—m)ypr=+B(1—n2)pv
(25)
_ ((atng)pr+popg)B(L—n2)pr=p
bi = —(a+pug+p+ur)pr-py — wﬂg_:;),w;i _;,_[3(1_372);‘, -, (26)

bo= —((a+pQ)ur + puq) kr-pv.

From Theorem we know that if Ry > 1 and 7 = 0, E is locally asymptotically stable.
To investigate the stability of equation , we will apply the following version of the
main theorem of Cooke and Van den Driessche [13].

Proposition 3.1 Assume that P and Q are analytic functions in the right half-plane
Re(¢) > 0 and satisfy the following conditions:

1. P(¢) and Q (¢) have no common imaginary roots;

2. P(—iy) = P (iy), Q(—iy) = Q (iy) for ally € R;
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3. P(0)+Q(0) £ 0;
4o dmswp (QQ/PO < 1

[¢|—>00, Re(¢)>0
5. F(y) = |P (iy)|* — |Q (iy)|? for the real y has at most a finite number of real roots.

Then the following statements are true:

1. If the equation F (¢) = 0 has no positive roots, then if is stable at T = 0, it
remains stable for all T > 0, whereas if it is unstable at T = 0, it remains unstable
for all T > 0.

2. If the equation F (¢) = 0 has at least one positive root and each root is simple,
i this case, as T increases, stability switches may occur. There exists a positive
number T such that s unstable for all T > 7*. As 7 varies from 0 to 7%, at
most a finite number of stability switches may occur.

Theorem 3.2 Under the hypothesis of Theorem[2.3, if Ry > 1, the endemic steady
state E is locally asymptotically stable for all 7 > 0.

Proof. From Theorem we know that if Ry > 1, the infected equilibrium FE is
locally asymptotically stable for 7 = 0. To show the stability of the equilibrium FE, we
need to analyze the existence of positive roots of the following equation:

F(Q) =4+ Ay’ + Agy* + Asy® + Ay, (27)
where
Al = a§ — 2a9 — b%, Ay = ag + 2a9 — 2aza1 — b§ + 2b3bq,
Az = a? — 2as9a0 + 2bsbg — b%, Ay = a% - b%.

Clearly, equation has no positive real roots if Ay, As, A3 and Ay are all positive. The
coefficients of F' (¢) are non-negative. Thus equation has no positive real roots. By
Theorem and Proposition the endemic steady state E is locally asymptotically
stable for all 7 > 0.

3.2 Global stability

3.2.1 Global stability of the free equilibrium

In this section, we focus our attention on the global stability of both free and endemic
steady states of system . Define the set

e~ T by Lo~ Tm
G:{(Q’T’T*’VI)GRi:Q+T+T*< c W}

and Vi <
12720

where g = min(ug, pr, pr-). Arguing as in Proposition (2.1)), we can prove the following
result.

Proposition 3.2 For any positive solution (Q(t),T(t),T*(t),Vi(t)) of system ,
we have the following two assertions:

1. limsup,_, . F(t) < My, limsup,_, ;o Vi(t) < Ma,
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2. iminf Q(t) > mq, iminf T'(t) > mo, where

t——+oo t——+oo

e~ mT

F(t) = Q(t) + T(t) + e™ T*(t +7), My = 2=, (28)
_ Adwmppxe” ™7 A _
My = S50 ™ = 5T g ™2 = BT Mat i

We have the following stability result about Ej.

Theorem 3.3 If Ry < 1, then the free steady state Fy of system 18 globally
asymptotically stable for all T > 0.

Proof. Define the set

S ={(¢1,¢2,03,04) € C ([-7,0],R}) : ¢1 < Qo, ¢2 < T},

and let (Q(t),T(t),T*(t), Vi(t)) be a positive solution of system (14)). By the comparison
principle,

Q(t) < Qo, T(t) <Tp
for all ¢ > 0 such that Q(0) < Qg and T'(0) < Ty. Thus S is a positively invariant set for
system . Define the following Lyapunov function:
Ut) = T7(t)+ e ™0 Tov,( )
+(1—m)y ””ft L T(s)Vi(s)ds + B(1 —n2)e _””ft L T(s)T*(s)ds.

The derivatives of U(t) along the trajectories of give, since Ry < 1,

4 (1

i — s T* (t) 4 £TU=mDree TUR T (8) — (1= ) ye ™™ TV (t)

(
(L= )re T () Vi (t) + A1 - n2)e” " ()T (t) (29)
< B —m)e M TTTH (1) USRS ST (1) — T (1)
= pup-(Ro—1)T* (t) <O.

U is then a Lyapunov function. Define now the set

p={@vo.9es: G ov0.0-ol.

and denote by M the largest set in E, which is invariant with respect to system .
It is clear that (Qo,70,0,0) € M, M is not empty. Let (¢,%,0,£) € M and de-
note by (Q( ), T(t), T*(t), Vi(t)) the corresponding solution. By the invariance of M,
(Q(t), T(t), T*(t), VI()GMforallt>O thus 22 = 0 and, by (29), 7*(t) = 0 for all
t > 0. The last equation of (14]) implies then that V;(t) — 0 as ¢ — +oo and hence
Q(t) — Qo and T(t) — Ty as t — +oo. Now, by the invariance of M, Q(t) = Qo,
T(t) =Ty for all t > 0. Therefore

M ={Eo = (Qo,10,0,0)}.

Finally, since Ej is locally asymptotically stable, by the LaSalle invariance principle, Ey
is globally asymptotically stable.



200 MERIEM LAMRAOUI, BILAL BOULFOUL AND MAHIEDDINE KOUCHE

3.2.2 Global stability of the endemic equilibrium

The following theorem assures the global stability of the endemic steady state E.

Theorem 3.4 Assume that Ry > 1 and let

A= aQ(L> 0, -
B= pT % —pmsGe —am§ — urms + B(1 —12) M{T
+MTT+ al + a)\wﬂ’(l—nl)’yef"mfz + arf(1—m2)e”"™T

2

atp miﬂv(gjucﬂ mEMT:ga+#Q) ’
C= — al adwn(l—n1)ye " T _ alB(l—n2)e™™™T <0
- atpg mspy (atuqg) mspr= (atpg) )

Then if

—B+ VB2 —4AC cp < —B++VB2—4AC
24 =70 = 24 ’

the endemic steady state E of system 1s globally asymptotically stable for all 7 > 0.

Proof. Define the Lyapunov function L as follows:

" (T*(t) T Th T;@) R (vmt) V- Vil VI(“)

o e L)Vi(s)
[T(S)V] () =TV —TVrln TVI] ds

TT~
Then
dL(t) . 0
— ¢ A+ T —aQ - uoQ) (1 - Q)
+e " (aQ — (L =m)VTVi = B(1 = m)TT* — pT — prT) (1 - ;)

+ (L =m)ye ™ Tt —7)Vit—7)+ B —m)e ™T ({t—7)T* (t —7) — pr-T%)

T T (1 — — Vi
X (1 - T") + MT (w,uT*ﬂ'T* - /,va]) (1 - I)

2h% v,
+(1—m)ye ™" {TVI—T@—T)VI(t—THTv,m T“—TIZVI“—T)}
Vr
+A(1 —mp)e”™ [TT* ~T(t—7)T"(t—7) +WIHT(7§—TT)§: (t —T)} .

Now)\:(a—l—,uQ)@—pTand2—;—%§O.

Let € > 0 be chosen later. By Proposition [3.2] there is T. > 0 such that for all ¢ > T,
and from the hypotheses of the theorem, AR% + BRo+ C' < 0. We can then choose € > 0
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small enough so that

—mT

Ry

. 5 _
|:O¢Q8RQ <Ro + T> + <pT?§6 - ,omgg€ —am§ — prm§ + B(1 —ne)M;T
1 0

—2 —2
— a\ alwr(l — e~ ™M T alb(1l —mng)e™™T
T+ L odwm(l—m)y B —m) ) !

o+ pQ mspy (o + pQ) msprs (o + pQ)
a adwm(l — nl)”ye*TmT2 aAs(1 — ng)e’TmT2
a+ pg mypy (@ + (1q) mypr- (@ + (1Q)

for t > T.. Further, %](f) =0ifandonlyif Q = Q, T =T, T* = T*, V; = V7, then by

the LaSalle invariance principle, E is globally asymptotically stable.

4 Numerical Simulations

In this section, we perform some numerical simulations to illustrate our stability results
and to examine the effect of time delay and the efficacy of RTI treatments on the viral
load. The parameters of the model are given in Table [1] [1}[14/15]. We begin first with

Parameters Meaning Values

! Activation rate of Q cells (day~1) 0.042

A Rate of Q cells production (ml—1) 10%

U Death rate of T* cells (day~—!) 0.67

T Number of virions per T* cell 104

wr Death rate of T cells (day~!) 0.12

7,2 Efficiency of treatment [0,1]

vy Infection rate of cells per virion (mm3day~1) 0.05 x 1073
B Infection rate by cell-to-cell transmission 2 x 107° (cell day)~!
Jte) Death rate of Q cells (day™1) 0.00014

wy Clearance of free virion (day~!) 30

p Rate of reversion to the quiescent state (day~!) 0.017

w Proportion of non-infectious virions 0.2

T Incubation period of the infection 0.2 — 2 days
m Fractional of cells surviving incubation period 0.05 days

Table 1: Parameters and values of model (19)

the non delay case 7 = 0. In Figure |1} we have plotted the solutions of system in the
case of absence of the treatment, i.e., n; = 12 = 0, which corresponds to the value of the
basic reproduction number Ry = 5.39 > 1. Since gy > pr«, the condition of Theorem
[2:2) is satisfied and the endemic equilibrium E* is locally asymptotically stable. Under
RTI treatment if we increase both the efficacy of the RTT inhibiting the virus-to-cell and
cell-to-cell infections to the values 71 = 0.8, 72 = 0.84 which correspond to the value of
the basic reproduction number Ry = 0.97 < 1, then by Theorem the free steady
state Ey is locally asymptotically stable and the infection is cleared (see Figure . In
Figure |3] we have plotted the region (in red) for which Ry < 1, which corresponds to
the eradication of the infection. We can observe that the infection is cleared when the
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efficacy of the RTI corresponding to the virus-to-cell and cell-to-cell channels is greater
than 0.66 and 0.6, respectively.

In the delay case, we consider a different level of therapy intervention with different
values of the delay. Since the incubation time of the infection is between 0.5 to 2 days |15],
we run our simulations with the following values: 7 = 0.4, 0.8, 1.3, 1.8.

Case 1: In the first case, we assume that the effect of drugs efficiency is n; = 172 = 0.45.
In Figure [4, we have plotted solutions of system with the following values of the
delay: =02, 7=0.8, 7=1.3, 7=1.8.

Case 2: In this case, we keep the value of 77 = 0.45 fixed and we increase the value of
12 = 0.8. The corresponding solutions with different values of the delay are plotted in
Figure [

Case 3: Here we fix the value of 75 = 0.45 and we increase 71 = 0.8. The corresponding
solutions are plotted in Figure [6]

Case 4: In the last case, we increase the efficiency of RTI treatment for both virus-to-cell
and cell-to-cell infections to the values 177 = 12 = 0.8. The solutions are plotted in Figure
[

Numerical simulations show that the increase of the delay time will decrease the peak
of viral load and increase the number of activated T-cells. Further, the delay seems to
have no effect on the number of quiescent cells. Since the basic reproduction number of
the delay model is multiplied by a factor equal to e™™7 with respect to that of the non
delayed model, we conclude that the region of eradication of the infection is more large
than that without delay. Figures[f] and [6] show that the increase of efficiency of the RTI
treatments for either virus-to-cell or cell-to-cell transmission mode will reduce the viral
load and the number of infected cells T but is not sufficient to eradicate the infection.
In Figure [7] where we have increased the efficiency of treatments for both virus-to-cell
and cell-to-cell routes, we observe that the infection is cleared.

In order to quantify infection sensitivity to drugs, we use the transmission index T,
which is defined as the fraction of cells infected in the presence of drugs 7}y (¢) divided
by the fraction of cells infected in the absence of drugs T*(¢). Thus T, = ZI:Z Eg

T, has two important limiting regimes: 7T, ~ 0, which means that few viruses infect
each cell, the infection is sensitive to the effect of the drugs, whereas in the case T, ~ 1,
many viruses infect each cell and the infection is insensitive. At the quasi-steady-state

assumption (as t — +00), we can simplify T, as T, ~ T::]"
where TT;‘ and T* are, respectively, the steady states of infection cells in the presence

and in the absence of drugs. By , we have

o )
:

- (w)

with
1— —Tm (1= —mT
Ro(n) = (1 —mn2)Bpve + wrprs (1 —m) e T,
K= v (30)
B —m2)pve ™™ + wrpr-ye” ™"
Ry = To.

K=y
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In Figure[§] we have plotted on the right the transmission index T}, with respect to n for
different values of n; and on the left, we have plotted T, with respect to n; for different
values of 172. We observe that infections originating from cell-free virus decrease strongly
in the presence of drugs, whereas the other plot shows that infections involving cell-to-cell
spread are markedly less sensitive to the drugs. The simulations in Figure [§| suggested
that cell-to-cell infection permits viral replication even under the anti-retroviral therapy.
As pointed out in other clinical studies , cell-to-cell spread leads to therapy failure
and potentially contributes to viral persistence and hence is a barrier to curing HIV
infection.

"
s W

= e
=
L

1M . i @ =% 1A P i P 500 e ey

dys 7 daye

Figure 2: Simulation of solutions of model
(3) without delay, where we have taken
m = 0.8 and n2 = 0.84: in this case,
Ry = 0.97 < 1, by Theorem the free
steady state Fy is globally stable and the
infection is cleared.

Figure 1: Simulation of solutions of model
(3) in the absence of drugs m1 = 12 = 0:
in this case, Ry = 5.36 > 1, by Theorem
the endemic steady state E* is globally
stable.

04| Rg>1 Lum =

Figure 4: Solutions of system [14] for n; =
0.45, 2 = 0.45, 7 = 0.4 in solid line (-);
7 = 0.8 in dashed line (-); 7 = 1.3 in dash-
dotted line (-.); 7 = 1.8 in dotted line (:).

02 7 B
Figure 3: The case without delay: in red
is the region of eradication of the infection.
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Figure 5: m = 0.45, 2 = 0.8,
7 = 0.4 in solid line (-); 7 = 0.8 in
dashed line (-); 7 = 1.3 in dash-
dotted line (-.); 7 = 1.8 in dotted
line (:).

Figure 6: 11 = 0.8, 72 = 0.45, 7 = 0.4 in
solid line (-); 7 = 0.8 in dashed line (-);
7 = 1.3 in dash-dotted line (-.); 7 = 1.8 in
dotted line (:).
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Figure 7: m1 = 08,72 = 0.8, 7 =04 in Figure 8: Plot of the transmission index
solid line (-); 7 = 0.8 in dashed line (-); T,: on the right with respect to 12 and on
7 = 1.3 in dash-dotted line (-.); 7 = 1.8 in the left with respect to 11, here we have
dotted line (:). taken 7 = 2.

5 Conclusion

This study presents a model incorporating quiescent cells to describe HIV-1 transmission,
with an intracellular time delay to account for the role of the non-activated immune
system. It demonstrates that the basic reproduction number Ry is the sum of virus-to-
cell and cell-to-cell transmission contributions. The analysis shows that when Ry < 1, the
infection is cleared, while for Ry > 1, the endemic steady state is globally asymptotically
stable .

Numerical simulations indicate that increasing intracellular delay reduces viral load
and enhances activated T cells without significantly affecting quiescent cells. Antiretrovi-
ral drugs (RTIs) effectively decrease cell-free virus infections but are less effective against
cell-to-cell transmission, which can transfer multiple virions simultaneously.

The simulations reveal that improving RTI efficiency to block cell-free infections has
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only a limited impact on overall HIV infection. Thus, targeting both transmission path-
ways, virus-to-cell and cell-to-cell, is crucial. The study suggests that cell-to-cell trans-
mission plays a key role in viral spread and should be a primary focus in future vaccination
strategies for better effectiveness.
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1 Introduction

Chaos theory has become a fundamental area of study in nonlinear dynamics, with
applications spanning across various fields such as physics, engineering, biology, and
secure communications |[IH3]. A chaotic system is highly sensitive to initial conditions,
leading to behavior that appears random and unpredictable despite being deterministic
[4,/5]. Among the numerous chaotic systems studied, jerk systems are of particular
interest due to their simplicity and ability to exhibit complex dynamical behavior |6]. A
jerk system is defined by its output’s third derivative (jerk) being a function of lower-
order derivatives [§].

The study of chaotic systems has its roots in the pioneering work of Lorenz, who
discovered the Lorenz attractor [9], a set of chaotic solutions of the Lorenz system, which
has become a classic example of chaos. Since then, numerous chaotic systems have been
explored, including the Rossler system, Chua’s circuit, and jerk systems [10,/11]. Jerk
systems, in particular, are intriguing due to their relatively simple mathematical form
and the rich dynamical behavior they exhibit [12].

In a jerk system, the third derivative of a variable with respect to time is expressed
as a function of the variable and its first and second derivatives [13]. This form allows for
the construction of chaotic systems using basic electronic components such as resistors,
capacitors, and operational amplifiers [14]. The electronic realization of chaotic systems
not only provides a tangible means of studying chaos but also facilitates practical ap-
plications in areas like secure communications, where chaotic signals can be used for
encryption.

The introduction of a novel 3-D jerk system with quadratic nonlinearities, as explored
in this study, contributes to the ongoing exploration of complex dynamical behaviors
such as chaotic attractors and multistability, which are prevalent in both natural and
engineered systems. Moreover, the practical implementation of these systems through
electronic circuit designs bridges the gap between theoretical models and real-world appli-
cations, further enhancing their relevance. The synchronization of such systems, demon-
strated here using backstepping control, has significant implications for creating stable,
secure systems in various technological domains, thereby underscoring the importance of
this research in advancing the understanding and application of chaotic dynamics.

The synchronization of chaotic systems, where two or more chaotic systems are made
to exhibit identical behavior over time, has significant implications for practical appli-
cations [15]. Techniques such as backstepping control have been developed to achieve
synchronization, offering robust methods for controlling chaotic systems.

This paper presents a novel chaotic 3-D jerk system characterized by two quadratic
nonlinearities. We explore its dynamic properties through numerical simulations, re-
vealing chaotic behavior under specific parameter settings. The system is then realized
electronically, and its chaotic nature is validated through both Multisim and MATLAB
simulations. Finally, we employ an active backstepping control technique to achieve
complete synchronization between a pair of chaotic jerk systems and demonstrating the
method’s effectiveness.

The rest of the paper is organized as follows. In Section 2, we present the modeling
of the new chaotic 3-D jerk system with two quadratic nonlinearities and analyze its
dynamic behavior through numerical simulations. Section 3 describes the electronic
circuit implementation of the proposed chaotic system and validates its chaotic behavior
using simulations in Multisim and MATLAB. In Section 4, we introduce the backstepping
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control technique and demonstrate the complete synchronization of master and slave
chaotic jerk systems, providing theoretical proofs and simulation results. In Section 5,
we conclude the paper by summarizing the contributions of the research and discussing
potential applications of the proposed system.

2 Modelling of the New Jerk System

This section presents and examines a new chaotic jerk system with two quadratic non-
linearities. The new jerk system is described as follows:
8
< = v
=z (1)
= ax+by z xy+cy:

N < X

In the jerk system , X = (X;y;z) is the 3-D state and a;b; care positive parameters.
In this paper, we show that the jerk system is chaotic when the parameters are
a=1,b=0:1and c=1.
For numerical simulations in MATLAB, we pick the parameters as (a; b; ¢ = (1;0:1;1)
and the initial state as X (0) = (0:2;0:2;0:2). Then the Lyapunov exponents (LE) of the
jerk system are numerically determined for T = 1E4 seconds as

l1 =0:1252; I, =0; I3 = 1:1252: (2)

The LE results in Eq. show that the new 3-D jerk system is chaotic and
dissipative with the maximal Lyapunov exponent (MLE) found as I; = 0:1252 > 0. The
Kaplan dimension of the new 3-D jerk system can be also determined as

Dk =2+ﬁ(|1+|2)=2211131 (3)
Figures show the phase plots of the jerk system generated in MATLAB using
the classical fourth-order Runge-Kutta method for the initial state (0:2;0:2;0:2) and the
parameter vector (a;b; ¢ = (1;0:1;1).
The equilibrium points of the system described by Equation (1) can be determined
by setting in Equation (1) as follows:
8
< =y
=z (4)
= ax+by z xy-+cyx

o O O

Thus, the equilibrium points of the system (4) are Eq = (0, 0, 0). The Jacobian
matrix of the system (1) can be written as

0
0 1 0
1

J=@ o 0
1 y 01 x+2y 1

1
A (5)

The Jacobian matrix at the equilibrium point Eg is expressed as

0 1
0 1 0

J=@ o 0o 1 A: (6)
1 01 1
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Figure 2: (Y;z) plot of the chaotic jerk system (1).

The polynomial characteristic equation of Eq.(6) is given by
542 01 +1=0: (7)

The Jacobian matrix JE¢ has the eigenvalues 1:5068;0:2534  0:7742i. This shows
that the system (1) exhibits the index-2 spiral saddle point, which is unstable.
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10

-1 §2

Figure 3: (X;2) plot of the chaotic jerk system (1).

3 Electronic Circuit

The provided circuit diagram represents a jerk system (see Figure 4), which is a type of
nonlinear dynamical system known for exhibiting chaotic behavior under certain condi-
tions. A jerk system is characterized by the third derivative of its output (jerk) being
a function of lower-order derivatives. The circuit comprises operational amplifiers (op-
amps), resistors, and capacitors to realize the jerk function.

In this specific circuit, each section with an op-amp configuration represents different
components of the jerk system. The resistors and capacitors determine the time constants
and feedback paths, which are crucial for defining the system’s dynamic behavior. The
input signals (X, Y, and Z) are processed through the network of op-amps to produce
a chaotic output. The chaotic nature arises from the nonlinear interactions between the
components, causing the system to exhibit sensitive dependence on initial conditions—a
hallmark of chaos. The op-amps (TL082CD) are used for their high input impedance
and low offset voltage, making them suitable for precise analog computations required in
the jerk system.

By using Kirchhoffs circuit laws in Eq.(8), the circuital equations of the designed
circuit in Figure 4 are derived as follows:

8
., _ 1 .
%X =R Y
y _ 1 .
) _on” ®)
7 = 1 X -+ 1 y 1 z 1 Xy+ 1 y2.
§ - C3R3 C3R4 C3Rs 10C3R¢ 10C3R~ )

Here, X;Y; z are the voltages across the capacitors C1; Cy; and Cg, respectively. We choose
the values of the circuital elements as Rg = R7 = 10 k2, R4 = 1000 k2, Ry = R, =
R3 = R5 = Rg = Rg = RlO = Rj_o =100 kQ, Cj_ = C2 = C3 =1 nF. The COI‘I‘eSpODdng
phase portraits on the oscilloscope are shown in Fig.5. Multisim simulation has been
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performed in order to validate the numerical simulation results. A good agreement has
been revealed between the results obtained from Multisim software and Matlab software.
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Figure 4: Circuit design of the system (1).

4 Complete Synchronization of the New Chaotic Jerk Systems

In this section, we give a new control application for the chaotic jerk system proposed in
Section 2. We consider a pair of the new chaotic jerk systems taken as the master and
slave systems, and we invoke the active backstepping control technique to synchronize
the respective states of the master and slave jerk systems. We note that the synchro-
nization of chaotic systems has important applications in engineering, namely in secure
communications, cryptosystems, etc.
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Figure 5: 2-D oscilloscope outputs of the new chaotic jerk system: (a) X
Z plane.
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As the master system for the synchronization process, we take the new jerk system

with the dynamics given by
8

< Xl

Y1

Al

= Y1,
= 11,
axi1+by 71

(9)

X1y1 + cyZ:

As the slave system for the synchronization process, we take the new jerk system with

the dynamics given by
8

< Xy =

y2 =

Z;

Y2,
23,
axz +by, 2z

(10)
X2Y2 + Cy5 + W (t):

In this research work, we use backstepping control to devise a feedback control W (t)
to asymptotically synchronize the states of the two jerk systems given by the equations

(9) and (10).
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We define the synchronization error between the master and slave jerk systems as

follows: 8
< & = Xz Xi]
& = Y2 Vi (11)
e = 2y 7.

The error dynamics can be calculated as

8 .

< & = €&
& = e; (12)
& = ae+bg € Xya+txwyi+cys yZ +W(t):

Next, we state and prove the main control result for the complete synchronization of
the new jerk systems given by the Eqgs. (9) and (10).

Theorem 4.1 The backstepping feedback control law defined by
W= (3 ae (5+be, 26 +xy2 xay1 cy; Vi) ko (13)

with the feedback gain k > 0 and gz = 2€¢ + 26y + €, achieves complete synchronization
between the chaotic jerk systems (9) and (10) for all initial states in R3.

Proof. We set ¢ = €.
We define the quadratic Lyapunov function as

Then we get )
Vi=0ith =66y = o + (e +8): (15)
Next, we define @p = € + € so that we can simplify Eq.(15) as follows:

Vi= &+ (16)
Based on the Eq.(16), we define the quadratic Lyapunov function as
. Lo 15, 15
Va(@i @) = Vi) + 56 = 50 + 5% (17)
A simplification results in
Vo= G & +®@(26 +26 +6&): (18)
To simplify the notations in Eq.(19), we set
s = 26 + 26y + ez: (19)
Then Eq.(18) reduces to )
Vo= ¢ B+ (20)

As a final step, we take the quadratic Lyapunov function given by

V (0h; Op; G) =V2(Q1?Q2)+%0§3 (21)



214 A. R. MAMAT, et al.

It is easy to see that V is a positive definite function on R3. It is also very clear that

1 1 1
V(0 i) = 5‘1% + 5034— 506:

Based on the Eq.(22), when we calculate the derivative of V, we get

2

V= ¢ ¢ &+&Z
where we define Z as
Z=0p+ %+ &

A simple calculation yields

Z=(3 a)e+(5+be +2e

Substituting the formula given in Eq.(13) for v into Eq.(25), we get

Z = Kkaos:

From the Eqs.(23) and (26), we get

2

V= ¢

X2Y2 + X1y1 + c(y%

€ B(1+Kk):

y3) + W:

(22)

(26)

(27)

Since k > 0, we see that V is a quadratic and negative definite function defined on

R3.

By Lyapunov Stability Theory, we deduce that the error dynamics (12) is globally

exponentially stable. This completes the proof.

Time (s)

10

15

Figure 6: MATLAB plot depicting the exponential convergence of the complete syn-
chronization error between the chaotic jerk systems (9) and (10).

For computer simulations, we consider the chaotic case for the master and slave jerk
systems, Viz. a=1, b= 0:1 and ¢ = 1. Also, we take k = 30.
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For simulations, the initial conditions of the master system (9) are taken as x1(0) =
1:8; y1(0) = 1:4 and z1(0) = 2:1.

Also, the initial conditions of the slave system (10) are taken as X2(0) = 7:2, y»(0) =
0:5 and z3(0) = 5:4.

Figure 6 shows the convergence of the synchronization errors y, y and , between
the chaotic jerk systems (9) and (10).

5 Conclusion

This study introduces a novel chaotic 3-D jerk system characterized by two quadratic
nonlinearities, which sets it apart from previously studied chaotic systems. The spe-
cific configuration of the system, including the interplay of its nonlinearities, represents
a new contribution to the field of nonlinear dynamics and chaos theory. Additionally,
the practical realization of this chaotic system through a custom-designed electronic cir-
cuit demonstrates a unique approach to linking theoretical chaos models with physical
implementations. The circuit design, validated through Multisim and MATLAB simu-
lations, offers a tangible and reliable method to replicate chaotic behavior in real-world
applications.
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Abstract: This paper presents a re ned approach to xed-point theory in  b-metric
spaces by introducing a novel class of contractions utilizing simulation functions. The
proposed framework generalizes and strengthens existing results, providing deeper
insights into the underlying structure of b-metric spaces. To substantiate our theoret-
ical contributions, illustrative examples are discussed, showcasing their e ectiveness
in solving nonlinear integral equations. This application underscores the versatility
and practical signi cance of our methodology in tackling complex mathematical chal-
lenges across diverse elds, including applied sciences and engineering.
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1 Introduction

Fixed point theory is an important mathematical tool used in many elds such as physics,
economics, and computer science. Fixed point theory is very useful for solving integral
and di erential equations. This makes it very important for application in mathematics
and science. The usefulness of xed point theory shows how important it is for solving
complicated problems in many areas, as mentioned in [2,11,12,19, 22{26].

The notion of b-metric spaces, rst introduced by Bakhtin [4] and later expanded
by Czerwik [7], is a way of extending classical metric spaces by relaxing the triangle
inequality condition through a multiplicative constant. Unlike standard metric spaces,
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